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Abstract

In this thesis, optimal control of bilinear quantum systems is studied. A framework is
developed which results in optimal controls with simple time-frequency structure. This
is achieved by the use of cost functionals that promote sparsity in frequency direction
and smoothness in time. Existence of minimizers and necessary optimality conditions
of the resulting nonsmooth and nonconvex optimization problem are analyzed. Efficient
numerical solution methods, in particular for the treatment of the quantum system, are

studied. The framework is applied to a problem from molecular control.

Zusammenfassung

Die vorliegenden Arbeit behandelt die optimale Steuerung bilinearer Quantensysteme. Es
wird ein Framework entwickelt, das auf optimale Kontrollen mit einfacher Zeit-Frequenz-
Struktur fithrt. Diese wird durch die Verwendung von Kostenfunktionalen erreicht, die
moparsity“ in Frequenzrichtung und Glattheit in der Zeit begiinstigen. Die Existenz von
Minimierern und notwendige Optimalitéitsbedingungen des resultierenden nichtkonvexen
und nicht-glatten Optimierungsproblems wird analysiert. Es werden effiziente numeri-
sche Losungsverfahren, insbesondere fiir die Behandlung des Quantensystems, unter-

sucht. Das Framework wird auf ein Kontrollproblem fiir Molekiile angewendet.

iii






Acknowledgement

I would like to thank my supervisor Gero Friesecke for giving me the opportunity to
work on this interesting project. I greatly benefited from the stimulating discussions
with him on the mathematics and physics of quantum control.

I also thank my second supervisor Karl Kunisch for providing deep insights in the area
of optimal control and his continuous support in developing my own ideas.

I gratefully acknowledge the funding provided by the German Research Foundation
(DFG) through the International Research Training Group (IGDK) 1754 ,,Optimization
and Numerical Analysis for Partial Differential Equations with Nonsmooth Structures®.

I thank Konstantin Pieper and Philip Trautmann for introducing me to the concept of
vector measures in optimal control and for our countless discussions, without which this
thesis would not have been possible. I also thank Manfred Liebmann for his patience in
introducing me to the ideas of high performance computing.

I thank my colleagues Yuen Au Yeung, Michael Fauser, Frank Hofmaier, Dominik
Jiistel, Christian Mendl and all the other members of the analysis group, and all the
members of the IGDK in Munich and Graz for helpful discussion and making the last
three years such an enjoyable time.

Last but not least, I thank my family — my sisters Caro and Tina, my mother Irmgard

and my father Karl — for their ongoing support throughout my studies.






Contents

1 Introduction 1
2 Dynamics of Quantum Systems with Time-Dependent Fields 7
2.1 Central Evolution Equations with Controls . . . . .. .. ... ... ... 7
2.1.1 Models . . .. 7

2.1.2 Transition Frequencies . . . . . . . . . ... ... L. 9

2.2 Abstract Bilinear Quantum Systems . . . . . . ... ... L. 12
2.2.1 Functional Analytic Setting . . . . . . . . ... ... ... ..... 12

2.2.2 Existence and Differentiability of Solutions . . . . .. ... .. .. 14

2.2.3 A Compactness Result . . . . . .. ... ... ... .. 20

3 Sparse Time-Frequency Control of Quantum Systems 25
3.1 Optimal Control of Quantum Systems . . . . . .. ... ... ... .... 25
3.1.1 Modeling Quantum Control Problems as Optimal Control Problems 25

3.1.2 Representation and Interpretation of Control Fields . . .. .. .. 27

3.2 A Framework for Sparse Time-Frequency Control . . . . . . . ... .. .. 29
3.2.1 Optimal Quantum Control with Function-Valued Measures . . . . 29

3.2.2 An Abstract Control Framework . . . . ... .. ... ... .... 31

3.2.3 Examples . . . . . . ... 35

3.2.4 Previous Approaches on Sparsity in Quantum Control . . . . . . . 41

4 Necessary Optimality Conditions 45
4.1 Optimality Conditions and Mild Solutions . . . . . . ... ... ... ... 45
4.1.1 Differentiation of Expectation Values . . . . . . .. .. .. .. ... 45

4.1.2 Optimality Conditions for the Hilbert Space Case. . . . . . . . .. 48

4.2 Optimality Conditions for the Measure Space Case . . . . . . . ... ... 51
4.2.1 Optimality Conditions for General Sparsity Domains . . . . . . . . 51

4.2.2  Optimality Conditions for Discrete Sparsity Domains . . . . . . . . 55

4.2.3 Additional Regularity of Optimal Controls. . . . . . .. ... ... 58

vii



Contents

5

viii

A Generalized Suzuki-Trotter Type Method in Optimal Control

5.1 Structural Properties of the GST Method . . . . . .. ... .. ... ...
5.1.1 Definition and Basic Properties . . . . . . . . .. ... ... ....
5.1.2 GST Method and Differentiation . . . . . ... ... ... ... ..

5.2 Computing the Derivative of Expectation Values . . . .. ... ... ...
5.2.1 Discretization of the State Equation . . . . ... .. ... ... ..
5.2.2 Derivative of the Discrete Expectation Value . . . .. .. ... ..

5.2.3 Discrete Optimization Problem in the Hilbert Space Case . . . . .

The Discrete Optimization Problem

6.1 The Discrete Optimization Problem in the Measure Space Case . . . . . .
6.1.1 Discretization of the Measure Space . . . . . ... ... ... ...
6.1.2 The Regularized Discrete Optimization Problem . . . .. ... ..

6.2 Optimization Methods . . . . . . .. .. ... ... . o

Applications
7.1 Three Level System . . . . . . . . ...

7.2 One-Dimensional Schrédinger Equation on Two Surfaces . . . . . . . . ..

63
63
64
66
70
70
71
81

83
83
83
85
87



1 Introduction

This thesis is devoted to the optimal control of quantum mechanical systems. The main
contributions are the development of a new framework for sparse quantum control and
the numerical solution of such problems with efficient numerical solution methods. The
framework is designed to generate controls with a simple time-frequency structure using
sparsity enhancing functionals.

The goal of quantum control is to manipulate in some desired way a system which is
described by quantum mechanics. Examples range from steering chemical reactions to
the experimental realization of quantum computers. The main application in this work
is the control of a molecule via the electric field generated by a laser source. Typical
control goals include conformation changes of the molecule and selective dissociation
of bonds. Control fields are often computed using optimal control theory. But the
fields obtained using standard optimal control methods exhibit a complicated oscillating
structure. This makes it difficult to interpret the field and to identify underlying control
mechanisms. It also prohibits the direct implementation in experiments.

In this work a new framework for the optimal control of quantum systems is proposed
that results in controls with a very simple time-frequency structure. This is achieved
by controlling via the time-frequency representations of the electric field in combination
with functionals that promote sparsity in the frequencies and smoothness in time. This

results in optimal control problems of the form

Minimize, g 3 (6(T), OU(T)) + offulm, (1)

s.t. 10 = H(u)p, ¥(0) = . (1.2)

Here, the state equation (1.2) describes the evolution of the quantum state 1 subject to
the time-dependent Hamiltonian H for a given time-frequency control u in the measure
space M. Subject to this equation, one seeks to minimize a cost function (1.1) consisting
of the quantum mechanical expectation value of the observable O at time T and a cost
term given by the total variation norm of u. The main goal of the thesis is to explain

why this is a useful approach, provide a rigorous mathematical theory for optimal control



1 Introduction

problem, and explain how it can be solved.

There are always two main aspects in the study of an optimal control problem. The
first part is the theoretical analysis of the problem, which consists of the modeling and
the solution theory of the state equation and of the optimal control problem. The second
part is the numerical treatment of the state equation and the optimal control problem.

The contributions of this thesis in those two areas are as follows.

e The theoretical part of this thesis sets up a mathematical framework for sparse
time-frequency control of bilinear quantum systems. It includes the solution theory
of the governing equations with weak assumptions on initial data, the observation
and the coupling operators. This lays the foundation for a rigorous analysis of
the proposed nonsmooth and nonconvex optimal control problem. A proof of
existence of minimizers is given and a rigorous formulation and derivation of first-

order optimality conditions of the optimal control problem are provided.

e The main contribution on the numerical side is the analysis of a time stepping
method, a generalized Suzuki—Trotter type method, in the context of optimal con-
trol. Using this efficient and flexible method, the behavior of optimal controls for
different quantum systems and different realizations of our general control frame-

work is studied.

The field of optimal quantum control was initiated by the pioneering work of Pierce,
Daleh and Rabitz [PDR&8|, and has led to many interesting applications [BKTO01,;
Hoh+07; RWP09; Ass+13]. There are several publications that deal in various ways
with the oscillating structure of control fields [Ren+06; CB06; Lap+09; WBO08; Hin+13;
KHK10; SSB10; Rue+11]. There, mainly the frequency structure of control fields is con-
sidered. Our framework provides a systematic optimal control approach to handling the
frequency structure of controls, and also supplies the crucial extension to time-frequency
controls. This generalization is essential for simplifying the structure of control fields.
Mathematically, the new framework is based the idea of sparsity enhancing L' type min-
imization [FRO08; Sta09; HSW12]. More specifically it builds on the work by Kunisch,
Pieper, Vexler [KPV14] on optimization with function-valued measures for parabolic
equations. It extends the results therein in several ways. First, we deal with non-
linear control problems, as arise in bilinear quantum control, and not just with linear
ones. Second, we propose the use of control operators, accounting for the nontrivial
time-frequency structure of controls dictated by quantum physics. Third, we work with

measures with values in space of smooth functions. The combination of control operators



with smooth function spaces provides additional flexibility in the optimal control with
measures.

The generalized Suzuki—Trotter type time-stepping analyzed in this thesis was pro-
posed by Liebmann [Lie00] and is based on work of Suzuki [Suz90]. In our case it results
in an explicit polynomial approximation of the exponential function that describes the
time evolution of the quantum system. The structure of the method makes it easy to
parallelize, which, in view of the current developments in computational hardware, is
essential to be competitive. For the optimization we will follow a first-discretize-then-
optimize approach, where we take special care to give memory efficient implementations.
The memory efficiency will make the application of the method to large scale problems
possible.

The optimal control of quantum systems has an interdisciplinary component. Typical
applications are generated by physicists and chemists, who often show a remarkable
intuition for useful optimal control formulations of their problem. On the other hand,
mathematicians show their strength in analyzing given control problems. This thesis
tries to combine a control approach motivated by quantum mechanics with recently
developed mathematical tools: time-frequency controls are used in combination with
function-valued measures. A lot of the value of this thesis lies in the proposition of this
framework. It was generated in an iteration of proposing a framework, analyzing the
computed optimal controls, and using the results to propose an adapted framework. I
by no means claim that our framework is a fixed point of this iteration. But I hope that
it can help to close the gap between the mathematical optimal control community and
the chemists and physicists who apply control theory in practice.

The remainder of the thesis is structured as follows. The next three chapters constitute
the control theoretic part of the thesis. Thereafter, two chapters on the numerical
implementation are given. We close with a chapter on applications. In the following,

the content of the individual chapters is summarized.

Dynamics of Quantum Systems with Time-Dependent Fields In Chapter 2 we will
provide the analysis of the state equation, which forms the constraint in our optimal
control problem. It starts by giving examples of central evolution equations and their
interaction with control fields. Then the abstract quantum setting is defined and exis-
tence and compactness properties for solutions are derived. We also study the behavior
of solutions with respect to differentiation in the direction of the field. In this thesis
the concept of mild solutions is used since it provides a natural framework for existence

under weak assumptions on initial data and observation and coupling operators.
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Sparse Time-Frequency Control of Quantum Systems In Chapter 3 a general frame-
work for sparse time-frequency control of quantum systems is proposed. It starts with a
summary of the standard approach to optimal quantum control. This motivates our new
framework, which uses function-valued measures for the control in the time-frequency
plane. We give a rigorous definition of the framework and prove the existence of optimal
solutions. Our approach is illustrated with several examples. We close the chapter by

putting the proposed framework in the context of the existing literature.

Necessary Optimality Conditions In Chapter 4 we derive first order optimality condi-
tions for our abstract optimization problem. Its starts with the setup of adjoint equations
to provide expressions for derivatives of expectation values in the direction of the con-
trol. Then we derive first order optimality conditions for solutions of the optimal control
problem in the measure space. We will also have a close look at these conditions for
particular time-frequency controls and derive results on additional regularity of optimal

controls and their control fields.

A Generalized Suzuki—Trotter type Method in Optimal Control In Chapter 5 a gen-
eralized Suzuki—Trotter type time-stepping is analyzed in the context of optimal control
problems. First, the method is introduced and structural properties of it are studied.
Also, we will provide expressions for derivatives of the time stepping in the direction of
the control field. Then, those results will be used to find representations of derivatives of
discrete expectation values where the state is discretized using the generalized Suzuki—
Trotter method. We will see that the adjoint state equation can be discretized using the

adjoint time-stepping.

The Discrete Optimization Problem In Chapter 6 we formulate the discrete opti-
mization problem and explain it can be solved. We first discuss the discretization of the
measure space and the control operator to obtain a discrete problem. We then regularize
the problem to obtain a smooth optimization problem. The chapter concludes with a

discussion of the optimization methods used for the numerical experiments.

Applications In Chapter 7 the framework is applied to two quantum systems. The first
is a discrete system with three levels, the second a system of two coupled one-dimensional
Schrédinger equations. For the simpler first example, we give an in-depth analysis of
the structure of the optimal control and study the optimality conditions. In the more

challenging second example, we compare optimal controls for different realizations of the



new control framework to controls obtained using the standard approach.






2 Dynamics of Quantum Systems with
Time-Dependent Fields

In this chapter the analysis of the quantum system is given that serves as a constraint
in the optimization problem. After a short discussion of model quantum systems, we
formulate the abstract quantum setting used throughout the thesis. We present existence
and differentiability results for solutions of the time-dependent quantum systems. We
also derive a compactness result important for the optimal control theory in the next

chapter.

2.1 Central Evolution Equations with Controls

In this section we present two interesting models in the bilinear control of quantum

systems. We also sketch how time dependent fields interact with quantum systems.

2.1.1 Models

The dynamics of the quantum systems we study is described by the equation

L

i0pp(t) = (Ho + Y _ Ei(t) Hy)¥(t). (2.1)

=1

where the state 1(t) belongs to some Hilbert space H, Hy and the H; are possibly
unbounded self-adjoint operators in H and the E; are real-valued amplitudes of electric
or magnetic fields.

Here we already use important simplifications of the field-matter interaction [DAI0S,
Section 2.2]. We do not model the backaction of the quantum system on the electric field
using quantum field theory but just use a classical field strength E;. Actually modeling
the quantum field would result in a much more difficult problem. We also assume that
the field is just a scalar function of time and that it enters the equation in a linear
fashion. These assumptions are not essential and control theoretical work has been done

without them [IKO07; Tur07]. Since the focus of this thesis lies on the control approach,



2 Dynamics of Quantum Systems with Time-Dependent Fields

we restrict our attention to the case of equation 2.1. We expect that most of the control
concepts are also applicable in a more general setting.

We now discuss two examples fitting in this setting.

Example 1. We consider the spin of a spin-1/2 particle in a magnetic field. The spin
of the particle is described by a unit vector in the space # = C2. The evolution in a

time-dependent magnetic field B: R — R? is given by

00() = 75(02Balt) + 0y By (1) + 0= B.(0) (1) (2.2)

with the Pauli matrices

0 1 0 —1 1 0
Ox = ; Oy = . y Oz = s

and the gyromagnetic ratio v of the particle. One often applies a time-independent
field in direction z and controls the spin with the fields in the z and y directions.
Equation (2.2) can then be written in the form of equation 2.1 with L = 2 by setting
E\ = B;, Ey = By,

1 1 1
Hy = ’7§UZBZ7 Hy, = ’750':07 Hy = ’Yio-y-

For theoretical purposes it is sometimes useful to write this model in the form

O (t) = (Ho + 7% (E(()t) E;@))) ¥(1)

with the complex valued function E(t) = E1(t) + iEs(t).

This model is widely studied in the literature, as a basic example in NMR and more
recently as a model of a single qubit in quantum information theory. The simplicity
of the model make it a reasonable starting point to explore control phenomena analyt-
ically. The basic case of a time-harmonic control field is analyzed in a classical paper
by Rabi [Rab37]. It is considered in the context of optimal control in [Bos+02][WGO07,
A.3][DAI08, p. 6.3]. A recent careful experimental realization of this system is described
in [Sch+14].

Example 2. In this example we study a multi level Born—-Oppenheimer approximation.
It describes the evolution of nuclei on potential energy surfaces generated by the elec-

trons. The model can be used to study laser guided chemical reactions. For a number



2.1 Central Evolution Equations with Controls

M € N of surfaces the equation reads

A

i0pp(t) = (T +V + E(6))(1) (2.3)

Here, the state ¥(t) = (¢1(t),..., ¥ (t))7 lies in the Hilbert space L2(R™;CM), T =
diag(T,...,T) is an operator-valued matrix with the kinetic energy operator 7" on the
diagonal, V= (Vij) is an operator-valued matrix of potentials Vj; = W, [1 is an operator-
valued matrix of transition dipole operators of the electric field, and E is the real-valued
electric field strength. In the case M = 1, we obtain the standard Born—Oppenheimer
approximation for the evolution of the atomic nuclei. The model can be derived similarly
to the standard Born-Oppenheimer approximation by projection of the full molecular
Hamiltonian on spaces generated by the eigenstates of the electronic part of the full
Hamiltonian for a vanishing control field. A careful mathematical account in the absence
of control fields is given in [Teu03]. Equation (2.3) fits in the setting of equation (2.1)
with L = 1 and the unbounded operator Hy = T + V and the possibly unbounded
operator Hy = fi. For simplicity we will only study the case Vij = 0 for ¢ # j, and
without intersections of the Vj;.

This model is studied in a control context since the beginning of quantum control
[PDR88; Kos+89; GNR92] and is still widely used [KHK10; Hof+12]. There exist ex-
tensions of the model. One approach is to project the full Hamiltonian on field dependent
electronic spaces [Bal4-05]. It is also possible to consider exact factorizations of the wave
function instead of a projection ansatz [AMG10; Abe+13]. There is also some work on
the optimal control in a semiclassical regime [KNOS].

For practical and theoretical purposes, it is often interesting to approximate infinite
dimensional systems by finite dimensional ones. The dimension of the finite dimen-
sional approximation varies from small numbers corresponding to handpicked physically
relevant degrees of freedom to large numbers coming from discretization of underlying
partial differential equations. In any case, we obtain matrices Hy and H; on the state
space CV for some N € N,

2.1.2 Transition Frequencies

Numerical experiments for the optimal control of quantum systems of the form (2.1)
show that oscillating fields are necessary for most control purposes. This is clear from
a physical point of view since one needs photons with an energy proportional to the
difference in the eigenvalues to induce transitions between eigenstates of a quantum

system. This energy of the photon is proportional to its frequency.



2 Dynamics of Quantum Systems with Time-Dependent Fields

The effect can also be understood mathematically. In the simplest case, for the
spin system presented in Example 1, the coordinate transformation ¢ (t) — (t) =

exp(iHot)y(t), that leaves the eigenspaces invariant, results in the equation

s B 0 E(t)*ei'yBZt _
Zatw(t) - (E(t)e—i'szt 0 ) ¢(t)

For time-harmonic fields given by
Eq(t) = Acos(wt), Es(t) = Asin(wt) (2.4)
this simplifies to

Ae—i(’sz —w)t 0

_ i(Ba—)t
0 (1) = ( 0 Aet )w(t).

One can explicitly solve the evolution of this equation. For an initial state (1,0)7 we

obtain A2 Q
[iha(t)|? = > sin? (2t) (2.5)

for the population of the second level, where A? = (w — vB,)? and Q = (y4)? + A2
This formula is already given by Rabi, see [Rab37, (12)]. In Figure 2.1 we see plotted
|2(t)|? for the initial state (1,0)” for different w. In accordance with (2.5), we see that
the field with a frequency matching the difference in eigenvalues induces full transitions
to the second eigenspace spanned by (0,1)7. Using a different frequency only induces
partial transitions. Similar results for transitions between eigenstates also hold in a
long-time—small-amplitude limit for more general finite dimensional quantum systems
[DAIO8, p. 7.1] and also for particular infinite dimensional systems [Chal2]. For the
quantum system from Example 2, the situation is more complicated since we do not
just want to introduce transition between eigenstates. In particular we also want to
induce transitions of the state between the different surfaces, that is in the electronic
structure, while staying at the same point in space. These states do not correspond
to eigenstates of the uncontrolled Hamiltonian. Numerical experiments show that for
states well localized in space those transitions can be induced by frequencies roughly
proportional to the difference in potentials at this location. In Figure 2.2 we plotted
two fields and the corresponding populations on the second surface for a problem with
two surfaces. Here, the situation becomes more complicated. Since the states move on
the surfaces, the difference in the potentials varies in time. To induce a transition, we

therefore also need to have a field localized in time. Transitions between surfaces are

10
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2 Dynamics of Quantum Systems with Time-Dependent Fields

studied in the theory of nonadiabatic transitions [Nak12].

2.2 Abstract Bilinear Quantum Systems

In this section we present the functional analytic setting for the quantum systems we
want to consider and discuss the solution theory for the equation. We present results on
the existence and differentiability of mild solutions to (2.6). Then we prove a compact-

ness result for the solution.

2.2.1 Functional Analytic Setting

The functional analytic setting presented here will be the foundation for the rigorous
results in the following chapters. It is based on the concept of mild solutions.

We consider quantum systems with a bilinear control interaction of the form (2.1). The
uncontrolled quantum system has the drift Hamiltonian Hy. The coupling is introduced
through the fields Fj, | = 1,--- L for some L € N, and the coupling Hamiltonians
Hyforl =1,...,L. Let ‘H be a Hilbert space. We will throughout this thesis use the

following two assumptions for the Hamiltonians.

(A1) The drift Hamiltonian Hy is a possibly unbounded self-adjoint linear operator in
H.

(A2) The coupling Hamiltonians H; are bounded self-adjoint linear operators for [ =
1,..., L.

The first assumption guarantees that the drift Hamiltonian generates a unitary group
G via the relation G(t) = exp(—itHy) for t € R [BEHO08, Prop. 5.9.1]. The assumption
on the coupling Hamiltonians will make a solution theory for control fields with low
regularity accessible through mild solutions.

Both assumptions (A1) and (A2) are satisfied for Example 1 and in discretized finite
dimensional setting for Example 2. In the infinite dimensional case for Example 2,
assumption (A1) results in assumptions on the potentials. In the diagonal case, one
can essentially use results for the uncoupled case [BEHO08, p. 14.1], combined with the
result that direct sums of self-adjoint operators are again self-adjoint. The boundedness
assumption in (A2) is a restriction in some models. It is not possible to consider the
unbounded dipole operator on R"™. In this case a restriction to a bounded domain can
be used [WBV10].

For the solution theory, we will typically assume the following regularity on initial

data and the control fields. The initial state g satisfies )y € H. This means we only

12



2.2 Abstract Bilinear Quantum Systems

assume the natural regularity given by the Hilbert space H. The control fields E; are
given by the components of the multicomponent control field £ € L'(0,T;R") for some
T > 0. The L' regularity is the natural assumption in the theory of mild solutions. For
optimal control we will often have to work in the space LP(0, T; R") for some 1 < p < oo.
The reason lies in the needed compactness results described in Section 2.2.3. We will

work in the setting of mild solutions. The mild formulation of equation (2.1) is

t
(t) = G(t)o + /0 G(t — 5)E(s) - Hyp(s) ds, (2.6)

where we used the short hand notation v - H := S u(—iH,;) for v € RE. The vector
valued integral here and in the following should be understood in the sense of Bochner
integrals [ABO6, p. 11.8]. In Section 2.2.2 we will see that this equation indeed has a
unique solution. The solution ¢ lies in the space C([0,T]; H).

Other authors use stronger assumptions on the control field, initial state and the
coupling Hamiltonians [IK07; WBV10; Hin+13]. The typical variational setting can
be obtained by working in spaces derived from the 1drift Hamiltonian Hy. Assuming
positivity of Hp, one can define the space V = D(Hj ), the domain of definition of the
square root of Hy. Then 1o € V, H; € B(H) N B(V), E € L*(0,T;R%), leads to the
additional regularity ¢ € C ([0, T]; V)NH(0,T; V*). Together with compact embeddings
V <« H, compactness properties of the equations are easier to show. The theoretical
treatment of optimal control for the Schrodinger equation then is very similar to the
control of parabolic equations, compare [WBV10] and [Tr610]. We choose to present the
optimal control of quantum systems without those additional regularity assumptions and
will stay in the setting of mild solutions. There is also work with weaker assumptions
on the coupling. In [FZC14] a coupling through singular potentials is considered, albeit

with stronger assumptions on the field.

All spaces — also those containing complex valued objects — are equipped with
a real Banach or Hilbert space structure. That means linear always means R-linear
and the scalar product is real-valued and R-bilinear. A complex Hilbert space with
scalar product (-,-)€ becomes a real Hilbert space by using the scalar product (-,-) :=
(-,)% :=Re(,-)§,. This change of Hilbert space structure does not change the topology.
This change corresponds to considering C as a two-dimensional real vector space. This
mathematical trick is often used in theory [HTCS83, pp. 2613][IK07]. The real structure
of the spaces will not be exploited in this chapter, but it will become important when the
differentiability of the cost functional is considered. Using real spaces, we will avoid the

additional regularity inherent in the theory of complex differentiation. In particular, the

13



2 Dynamics of Quantum Systems with Time-Dependent Fields

derivatives we will obtain will not be linear maps with respect to the complex structure,
but they will be with respect to the real structure. Also see the remark and reference in
[WBV10, p. 4177].

We will use the following notations. Normed spaces X are equipped with a norm ||-|| x,
Hilbert spaces X are equipped with a scalar product (-,-)x and the norm induced by
the scalar product. The space of bounded linear operators between the normed spaces
X and Y is denoted by B(X,Y') and equipped with the operator norm. We write B(X)
for B(X, X). The scalar product in R” is denoted by v - w for v,w € RL. In addition
to the notation v - H = S}, v(—iH;), we will write v - H* := Y1 v(—iH;)* and
<X1,f~IX2>H = (<X1,—iH1X2>H)lL:1 € RY for v € RV and 1, x2 € H. We will write
|H| = (Zz||HlH%(y))1/2- We will use the standard notation for Bochner and Sobolev

spaces.

2.2.2 Existence and Differentiability of Solutions

We will now discuss the existence of solutions to (2.6) and their differentiability in the
direction of the control. The results are small variations of what can already be found
in the work of Ball, Marsden and Slemrod [BMS82]. We will present the proofs of the
unitarity of the time evolution and of the differentiability of the state. The first proof is
instructive and prototypical of proofs in the setting of mild solutions. The second proof
is elementary and a little more detailed than the proof in [BMS82].

We look at the existence of the inhomogeneous equation
i (t) = (Ho + B(t) - iH )y (t) + f(t)-

The inhomogeneity is not needed for the existence of the state itself, the evolution of a
closed quantum system is described by a homogeneous equation. The derivative in the
direction of the control, however, satisfies an inhomogeneous equation. This makes it

useful to consider existence also in this case.

Proposition 1. Let g € H, E € L'(0,T;R") and f € L'(0,T;H). Then there exists
a unique function v € C([0,T); H) satisfying

Y(t) = G(t)o +/0 G(t — s)E(s) - Hy(s)ds + /0 G(t—s)f(s)ds. (2.7)

for allt € [0,T].

The proof relies on a fixed point argument for short times and the extension to large

times by using naive stability estimates [BMS82, Prop. 2.1, Thm. 2.5]. The restriction
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to a finite time horizon is not essential here. But since we only need such results in our

optimal control framework, we restrict ourself to this case.

For given £ € L'(0,T;RY) and f = 0 there is a unique function
&:{(t,s) €[0,T]|0<t<s<T}— B(H)
such that the solution 1 of (2.6) satisfies
&(t,s)P(s) = P(t), s<t,

for all initial states 1o [LY95, Chapter 2, §5.3]. We call & the evolution operator for the

field E. Using & we can write solutions to (2.7) as

vl =Bt s)0(s) + [ Bt 9f(5)ds, s <t
¥(0) = o.

(2.8)

We will switch between the representations of solutions given by (2.7) and (2.8) as

needed.

For optimal control purposes, we will also have to consider the solution ¢ of the

equation adjoint to (2.7),

T T
o(t)=G(T —t)"or + / G(s—t)*E(s) - H*p(s)ds + / G(s—t)"f(s)ds, (2.9)
t t
for o7 € H. In the strong form this reads
i0hp(t) = (Ho + E(t) - i) o+ f, o(T) = or.

This directly translates into taking the adjoint of the evolution operator. We have

t

o(s) = B(t,s) p(t —I—/ &(t,s)" f(s)ds, s<t,

(s) = B(t, s)"p(t) i (t,s)"f(s) (2.10)
QP(T) = @7,

again see [LY95, Chapter 2, §5.3]. Using the variable substitution ¢ — 7" —t we see that

¢ can be written in the form (2.7),

cp(T—t):G(t)*goT—i-/O G(t—s)*E(T—s)-lEI*np(T—s)dS—i—/O G(t—s)" f(T —s)ds,
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2 Dynamics of Quantum Systems with Time-Dependent Fields

for the operators —Hj and —H; which still satisfy (A1) and (A2). This makes results
for the ¢ also applicable to .

The next lemma is concerned with the unitarity of the evolution operator &. In
contrast to the results of the preceding propositions, it makes explicit use of the self-
adjointness of the Hamiltonian and the coupling operators. The typical proof of unitarity

goes as follows. We have
d .
SN0, = 200(0), (—iHo + B@) - H)p(0),

and since —iHy and E(t) - H are skew-adjoint, this implies that the norm is conserved
in time. Note that we do not have to take the real part here since we work with the
real scalar product structure only. This proof of unitarity does not work in the setting
of mild solutions because the state is not differentiable in a suitable sense. One can
overcome this difficulty by approximation arguments. We will give a proof that stays in

the setting of mild solutions.

Lemma 2. The evolution operator & satisfies
&(t,8)"G(t,s) =1 =&(t,s)&(t,s)" (2.11)

forall0<s<t<T.

Proof. Let x € Hand 0 < s <t <T, and set ¢(t) = &(t,s)x. We will show

X = &(t,s)"o(t), (2.12)

which implies the first equality in (2.11). Let r € [s,t]. By (2.9) and (2.10) for f = 0,
we know that ¢(r) = &(¢,7)*¢(t) solves

o(r) = G(t — 1) 6(t) + / Glg - )" E(q) - B p(q)dg.

We will show that ¢ = ¢. For the difference we obtain, using the group property of G
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2.2 Abstract Bilinear Quantum Systems

and the self-adjointness of the Hj,

Therefore we obtain

16(r) — ()l < / Z!E(q)zllle\Hl¢(q)—w(q)Hqu.
T o=1

Applying Gronwall’s inequality, e.g. the version [BMS82, Lem. 2.6], to f(r) = ||o(t —
r) — @(t — )| yields ¢(r) = ¢(r) for all r € [s,t]. Thus we have

X = p(s) = 6(t, s)"p(t) = &(t,5) (1)

which is (2.12).
Applying this result to the adjoint equation gives

I=06(ts)"6(ts) = &(t,s)6(t,s)",

which proves the second equality in (2.11). O

As a direct consequence we obtain the following stability estimates for solutions of
(2.7).

Corollary 3. Let ¢ be the solution of (2.7) for given 1o € H, E € L'(0,T;RY) and
f e LY0,T;H). Then v satisfies

Il lleqo,ra < Nvollw + 1Nl Lo, (2.13)
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2 Dynamics of Quantum Systems with Time-Dependent Fields
If f =0 then for all t € [0,T], we have

1Y@ I3 = Yol (2.14)

Corresponding results hold for the solution ¢ of (2.9).

Proof. By Lemma 2 we have that for all ¢t € [0, 7],

16(t,0)t0ll3, = (o, (¢, 0)*S(t,0)0)z = (Yo, %0)n = [ltboll3;-

In the case f = 0 we therefore have (2.14). In general we obtain the estimate

¢
()|l < [|&(t, 0)tboll +/0 |&(t,5)f(s)ll2 ds
< [ollae + 1 f I 0,770 -

Taking the maximum over all ¢ € [0,7] yields (2.13). The results for solutions of the

adjoint equation can be proven in the same way. O

We now study the differentiability of the solution of (2.7). The next proposition covers
the differentiability in the direction of the control field, as well as differentiability in the
direction of the initial state and the inhomogeneity. We will not follow the proof idea
in [BMS82], but will explicitly check that a candidate for the derivative satisfies the
definition of differentiability.

Proposition 4. The map F: L'(0,T;RY) x H x L'(0,T;H) — C([0,T);H) given by
F(E, v, f) = ¥ where v solves (2.7) is continuously differentiable. The derivative is
given by F'(E, o, f)(0FE, 00,0 f) = 1" where i)' solves the equation

W (t) = B(t,0)¢0 + /0 B(t, s)0E(s) - H(s)ds + /0 B(t, 5)5f(s)ds. (2.15)

Proof. To prove differentiability we will construct the canonical candidate for the deriva-
tive of F' and then explicitly check that it actually is the derivative in the proposed sense.
Let E,6E € L'(0,T;RY), g, 6¢9 € H and f,6f € L*(0,T;H). Formally differentiating
(2.7) gives

W(t) = G(E)owo + /0 G(t — 5)E(s) - Hy(s) ds

+/0 G(t—s)éE(s)-H@b(s)ds—i—/O G(t—s)if(s)ds. (2.16)
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2.2 Abstract Bilinear Quantum Systems

Proposition 1 tells us that (2.15) indeed has a unique solution in ¢’ € C([0,T]; H). Using
the evolution operator &, equation (2.16) can be equivalently rewritten as (2.15). From
(2.15) we see that the map (0F, 01,0 f) — 1’ is linear, and bounded with

19 ooy < 16%olla + IH %ol 6Bl 1o, rmey + 16.£ 0,730 - (2.17)

We will now show that F'(E, v, f)(0E, 619, f) = ¢'. We introduce the notation 15 =
F(E+0E, 1 + 6o, f + df) and define

Ys(t) —p(t) —Y'(t)
16E L1 o,rmey + 110%0llae + 16 f |l 10,2

r(t) =

for t € [0,T]. We need to show sup,||r(t)[[x — 0 for (6E,dp,0f) — 0. Using the
definitions of 15, ¥ and ¢/, (2.7) and (2.16), we obtain

r(t) = /0 Gt — 8)(E(s) + 6E(s)) - Hr(s)ds

t JE(s) ~
—i—/Gt—s - Hy'(s)ds.
o T O BB ommn, T 1600l - 6 ooy 20 )

Therefore,
~ t ~
/
lr ()]l < HHI/0 1E(s) + 6E(s)||rellr(s)ll ds + [[H[[¢ [ co,r:20)
By Gronwall’s inequality this yields

@)l < 1E 19 oo,z P HIIE + 0B 11 0,7:m2))-

Using estimate (2.17) this implies sup,||r(t)||x — 0 for (6F,d1,0f) — 0. Therefore F is
Fréchet differentiable.

It remains to show the continuity of F’. By (2.16) we have
F'(E, o, f)(0E,5¢0,0f) = F(E,5¢0,0f + 6E - HF(E, vy, f)). (2.18)

Let (En, %on, fa) be a sequence in LY(0,T;RE) x H x LY(0, T; H) with (En,Yo.n, fn) =
(E, 0, f). We denote by (v,) the corresponding sequence of solutions of (2.7) and by
(¢],) the sequence of solutions to (2.15),

7/41 = F/(Erwwo,na fn)(5E> 511}07 5f)
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2 Dynamics of Quantum Systems with Time-Dependent Fields
Then (2.18) and the continuity of F' imply

1, — 'l epo,m:20) = O

This convergence is also uniform in (0F, §vg,d f) since by (2.18) and (2.16) we have

U (t) — ' (t) = /0 G(t — 5)(En(s) - Hp,(s) — E(s) - Hy'(s)) ds
+ / G(t — $)0E - H(1h(s) — ¥(s)) ds
0
which gives

14, — ¥ leqomimy <IEnllporzm IH N, — ¢ leqori
+ || En — EHLl(O,T;RL)HHH||1//HC([0,T];H)
+ 10E| 1o, mimmy [ |[[40n — Pl o570

uniformly in (0F, 01, df). Therefore F’ is continuous. O

We obtain the following corollary for the differentiability of solution to the adjoint
equation (2.9).

Corollary 5. The map F*: L'(0,T;RY) x H x LY(0,T;H) — C([0,T);H) given by
F*(E,or, f) = ¢ where ¢ solves (2.9) is continuously differentiable. The derivative is
given by F*(E, pr, f)(OE,d¢r,0f) = ¢’ where ¢’ solves the equation

t 3 t
o'(t) = B(t,0)*5 —{—/0 &(t,s)"0E(s) - H*Y(s)ds +/0 &(t,s)"df(s)ds.

2.2.3 A Compactness Result

We will show a compactness result in this section. The typical proof of such results in
the context of optimal control problems relies on compact embeddings. Since we use a
weaker solution concept and do not obtain sufficient regularity for such embeddings, we
need to show compactness explicitly. A stronger version of the results in this section can
be found in the preprint [FHK15].

In this section we will need a slightly higher regularity for the control field £ compared

to the preceding section. We will assume E € LP(0, T} RE ) for some p with 1 < p < 0.
We include the case p = co. We use the notation E, LN FE in LP(O,T;RL) for weak

convergence if 1 < p < oo and for weak-* convergence if p = co.
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Proposition 6. Let 1 < p < oo and let (Ey), be a sequence in LP(0,T;RY) such
that By, GR E. Then there exists a subsequence such that the solutions v, of (2.6)
corresponding to E, satisfy ¥, (t) — ¥ (t) in H for all t, where 1 is the solution of (2.6)

for E.

Proof. The proof is split up into three steps. First we will show existence of a pointwise
weak limit for all ¢ € [0,7] for some subsequence of (¢,,),. Then we prove that this
pointwise limit is the mild solution corresponding to the limit field. Then the pointwise

strong convergence of the original sequence (v,),, is established.

Step 1 By Lemma 3 we know that (¢,,(t)), is bounded for all ¢ € [0,7]. Using a
diagonal sequence argument, there exists a subsequence, again denoted by (1, ), such
that v, (t) converges weakly for all ¢ € S for some countable dense subset S C [0, 7.
To show weak convergence for all ¢ € [0,T], we use the fact that the 1, solve (2.6). Let
t' € [0,T]\ S. We show that ({x,¥n(t')))n is a Cauchy sequence for each y € H. Let
X € H and € > 0. For t € S with t <t we have

<X7¢n(t/)_¢m(t/)> = <X7wn(t/)_wn(t)>+<X7wn(t)_wm(t»"i_@(?wm(t)_wm(t/» (2’19)

for all n,m € N. We first look at the first and last term on the right hand side of (2.19).
We have

U (t) — Yn(t) = (GEH —t) — Dby (t) + G(t' — 5)Ey(s) - Hin(s) ds

t

for all n € N and therefore also

tl

[0 ¥ (t) = n ()] < NG = )" = Dxllen(®)] + | H] t 1En(s)llell19n(s)l|ds

1~
< GE =6 = Dxll + (' = ) [ H|| En ()]l o(o,rmE)

for ¢ with 1% + % = 1. Since G is continuous in the strong topology and (||Ey| z»)n is

bounded as a weak(-x) convergent sequence, we can choose ¢ such that

106G Un () — n ()] <.
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2 Dynamics of Quantum Systems with Time-Dependent Fields

for all n € N. The term in the middle on the right-hand side in (2.19) becomes smaller

than € for n,m > N for some N € N since t € S. Therefore we have

[0 Un (') = Ym(t))] < 3e

for all n,m > N, which proves that ({x,1n(t'))), is a Cauchy sequence. Therefore the
sequence converges for each xy € H. Weak convergence of (¢,,(t')), now follows from the
following general argument. Let (x,), be a orthonormal basis of the Hilbert space H and
set al' := (x,, ¥n(t)) and a, := lim,, a]'. Since (¢, (t')), is bounded, every subsequence
contains another weakly convergent subsequence. The limit is always given by > a,x,.
Therefore the original subsequence already converged weakly. Thus for all ¢ € [0, T], the

sequence (¢ (t)), has a subsequence such that
Yp(t) = (t) inH (2.20)

for some ¢ € L>(0,T;H).

Step 2 We will now show that v is the mild solution for the field E. Let x € H. We

know

L

Ot n (D) = Oo GO0+ 3 (X, /0 Gt — $)En(s)(—iH)bn(s)dshy  (2.21)

=1

for all n € N and ¢ € [0, 7] and will pass to the limit n — oo to obtain

L t
G ()n = (x G(t)do)n + Z<Xa/0 G(t = s)E(s)i(—iH)y(s) ds)y. (2.22)
=1

For the term on the left-hand side of (2.21) we use (2.20). For each summand of the
second term on the right we define x;(s) := (—iH;)*G(t — s)*x. Then

<X,/ G(t = ) En(s)i(=iHi)n(s) dsmz/ En(s)i(Xi(s), ¥n(s))n ds.
0 0

Since (En); QN E; in LP(0,T), it remains to show strong convergence (X;,¥n)y —
(X1, ¥)y in L1(0,t). We have

(Xt ¥n) = (Xt 1T 0.0 :/0 [(Xt(5): ¥n(s) = (s))n|" ds.
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By (2.20) the integrand converges to 0 for each s € [0,t]. Since H; € B(H) we obtain

X1 € L>(0,T;H). Therefore Lebesgue’s dominated convergence theorem implies

(X1, ¥n) — (Xa, V)| Lago.ry — O

Thus (2.22) holds. Since x was arbitrary, (2.22) implies
L
vlt) = G0+ Y [ Glt = 9B (-iH)u(s) de
=170

for all t € [0,T7, i.e. 1 is a mild solution of (2.1) for the field E € LP(0,T;RL).

Step 3 Since 1 is uniquely defined as mild solution for F, we obtain pointwise weak
convergence of the original sequence (¢,),. Since ¥, (t) — 1(t) in H and 1 = |4, (¢)]| —
|(t)|] = 1, we obtain strong convergence 1, (t) — ¢ (t) in H for all t € [0,T]. O

Remark. In a more general setting where & is not unitary one still obtains ¥, (t) — ¥(t)
for all ¢ € [0, 7] in Proposition 6.

Using the boundedness of 1, we immediately obtain the following corollary by the
dominated convergence theorem for Bochner integrals [AB06, p. 11.45]. We will not use
it in this thesis but it is useful in the analysis of other types of cost functionals like time

averaged expectation values.

Corollary 7. In the setting of Proposition 6, we have strong convergence v, — ¥ in
L?(0,T;H).
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3 Sparse Time-Frequency Control of
Quantum Systems

In this chapter a new optimal control framework for control with simple time-frequency
structure is formulated. We start the chapter with an introduction to the optimal control
of quantum systems. We motivate the standard optimal control approach and then
discuss how control fields are typically interpreted. There we will see the shortcomings
of the standard approach. Then we will present the new control framework. It is
based on two key ideas. The first is to control not the field itself but a time-frequency
representation of it. The second is to use cost functionals that promote sparsity in
frequency direction and smoothness in time. We will give a rigorous definition of the
proposed optimal control formulation and prove existence of optimal solutions. The
general framework is then illustrated with several concrete examples. We close the
chapter with a short overview of the literature on sparsity in quantum control and put
our work into context of this previous work. The results of this section are contained
in [FHK15].

3.1 Optimal Control of Quantum Systems

In this section we give an overview of a typical control approach in the context of
quantum systems. First we discuss how the quantum control problem can be modeled
as an optimal control problem. Then we discuss how to interpret typical control fields

using representations in time, frequency and time-frequency.

3.1.1 Modeling Quantum Control Problems as Optimal Control Problems

A typical goal in molecular quantum control is to steer a system from an initial state
1o into a subspace X, which consists of states with a desired property. Interesting
choices for X include subspaces of common electronic structure or localization in space.
The corresponding control problem can be formulated as follows: Find a control field

E in a set of admissible control fields £ such that the corresponding solution of (2.1)
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3 Sparse Time-Frequency Control of Quantum Systems

satisfies ¢(T") € X for some T' > 0. A nice introduction to this problem from a math-
ematical perspective is given in [DAI08]. A recent overview from the point of view of
theoretical chemistry is given in [BCR10]. The bilinear structure of this control problem
allows for a rich mathematical theory. Unfortunately, in general this problem does not
have a solution by a fundamental negative result on controllability in infinite dimensions
[BMS82]. Even in cases where controllability results tell us that suitable control fields
exist [HTC83; TRO3; Bos+12], the shape of the fields can often only be derived analyti-
cally for very simple systems [Bos+02]. On large time horizons, one can use asymptotic
results as mentioned in Section 2.1.2. For shorter time horizons, the problem is more
complicated. One therefore often reformulates the control problem as an optimal con-
trol problem. Overview articles on optimal quantum control from the point of view of
theoretical physics and chemistry are given in [WG07; BZB08; Hof+12]. Other control
approaches include open and closed loop feedback control [IK09; QG10].

The optimal control problem can be derived as follows. As a first step, we fix the final
time T" > 0 and consider the minimization of dist(¢(T"), X), where ¢ and E solve (2.1).

This can equivalently be written as
1
Minimizey g 5(1/}(T), OoyY(T)) s. t. (2.1), (3.1)

where O = I — Px and Px is the orthogonal projection on X. This problem is not well-
posed since, by the same argument as above, solutions might not exist. For example the
infimum might be zero but the value zero might not be attained. There are several ways
to guarantee the existence of solutions to problem (3.1). Among them are constraints on
the admissible controls £ like thresholds for the amplitude or restrictions to finitely many
degrees of freedom. Most often one instead regularizes the problem with a Tikhonov
term. This means that one adds a term to the cost functional that penalizes the growth

of the control in a suitable way. Then the problem reads
1
Minimize,z 5 {$(T), O%(T)) + %||E||§ 5. t. (2.1). (3.2)

Here € often — but not necessarily [Bal+05] — is a Hilbert space contained in L' (0, T'; R¥),
and o > 0 is a regularization or cost parameter. The norm in £ might penalize unfa-

vorable behavior of the control field E. Problem (3.2) has solutions under appropriate
assumptions [IK07; WBV10].

The operator O can also represent a more general observable. Then (¢(T'), Oy(T))

is the quantum mechanical expectation value of the observable for the state ¥(7"). The
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3.1 Optimal Control of Quantum Systems

observable O and a time horizon T" are typically given by the concrete application. But
there is some freedom in the choice of the space £ and the regularization parameter a.
Restrictions on the control field through the choice of £ might be of physical nature
or address issues of the experimental implementation. For comparisons with our new
framework, we will consider the two cases € = L? and £ = H}, in later parts of this thesis
referred to as Hilbert space case. The regularization with an L? cost term goes back to
the first papers on optimal control for quantum molecular systems [PDR&8]. It is used
for its simplicity and seeming naturalness. The term HE||%2 is proportional to the energy
of the field. Its boundedness is a physical necessity. However, optimal pulses computed
for this choice of the cost term seem to suffer from a highly irregular shape and from
oscillations which prohibit direct implementations in experiments. The H& regularization
does not suffer from these oscillations since it penalizes them. Additionally, controls in
H} satisfy homogeneous Dirichlet boundary conditions that are suitable for a laser pulse
that gets switched on and off. A modified H& norm is related to the physical work done
in the system [Hin+13]. Cost terms including a H& norm are successfully applied in
applications [Hoh+07]. However, for the problem at hand, it introduces an undesired
behavior of the control in the sense that high frequencies are penalized even though they
might be useful to induce particular transitions, see Section 2.1.2. In the next section,
we will take a closer look at how control fields are interpreted with regard to their time

and frequency structure.

3.1.2 Representation and Interpretation of Control Fields

In quantum control the structure of control fields is important for the interpretation
of control mechanism and the experimental realization of the fields. The structure of
the control fields is often analyzed by using three different representations of the field:
time representations, frequency representations and time-frequency representations. A
more detailed interpretation of time and frequency structure of fields is given [Fec+07;
MWC10] and in the context of quantum control in [Rue+11]. A general introduction to
time-frequency analysis is given in [Gré01].

In Figure 3.1, two different fields are plotted in those three representations. For the
time frequency representation we use a short-time Fourier transform. For the frequency
and time-frequency representation, we only plotted the absolute values on a logarithmic
scale. The first field has a relatively easy structure. From the time representation, we see
that it consists of two pulses at different times with different frequencies. The duration
of the pulses and the time gap between them can be derived from this representation.

The time structure can often be translated into a sequence of transitions in the quantum
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Figure 3.1: Two different fields (top and bottom) given in a time (left), frequency (mid-
dle) and time-frequency (right) representation.

system, see Section 2.1.2. The frequencies, which are important to understand which
transition happens, are not so easily quantified from the time representation. The fre-
quencies can be clearly seen in the frequency representation of the pulse. As expected
there are two important frequencies corresponding to the two pulses. The additional
structure in the neighborhood of those two frequencies comes from the time structure in
the pulses. This time structure cannot so easily be derived from the frequency represen-
tation. Time-frequency representations combine the advantages of time and frequency
representations at the cost of uncertainty in time and frequency. Here we can clearly
see that the field consists of two pulses. For this control field, one would expect the
field to introduce two transitions in the quantum system, first a transition with the
higher frequency and then, after some quantifiable time lag, a transition with the lower

frequency.

For the second control field, which actually originates from an optimal control com-
putation, the analysis gets more complicated. In the time representation, one can see
two main frequencies which occur in an alternating fashion. But there are non-trivial
effects where the frequency contributions overlap. In the frequency representation, two
frequencies stand out, but again the time structure is not easily reconstructed. For this

complicated pulse, the time-frequency representation is most useful for the interpreta-
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tion. We can see four main contributions, two for each frequency, with an alternating
time structure. But one also sees a lot of additional structure in the time-frequency
representation. For example, there are also substantial low frequency components con-
tained in the field. It is not clear how they contribute to the field and how they should
be interpreted. Some of this structure is of course also due to artifacts inherent in time-
frequency transformation. In the next section, we propose a control framework that

generates controls with a much simpler time-frequency structure.

3.2 A Framework for Sparse Time-Frequency Control

In this section we will present a new control framework for the generation of controls
with simple time-frequency structure. It is the main contribution of this thesis. After
a motivation we will give a rigorous definition of our new framework and prove the
existence of solutions. Then several concrete examples for the general framework are

given and the framework is put into context of existing literature.

3.2.1 Optimal Quantum Control with Function-Valued Measures

The new framework is based on optimal control with function-valued measures in com-
bination with special control operators accounting for the nontrivial physics of quantum

control. The key ideas behind the framework are

e the control of a time-frequency representation and not the field itself and

e a penalization of the time-frequency representation to obtain sparse frequency

structure and smooth time structure.

Here the use of time-frequency representations is different from what is done, in the
context of parabolic problems, in the control theory literature, and the use of a sparsity-
promoting penalization is different from what is done in the physics literature. In the
following we give a motivation for our approach.

An important drawback of previous optimal control approaches is the complicated
structure of controls in a time-frequency representation. This structure can be simplified
by using a suitable penalization. But what would an ideal time-frequency representation
look like? Ome possible idea is given in Figure 3.2b. This corresponds to a perfect fre-
quency resolution with just two frequencies being present. Each of those frequencies then
is modulated by a smooth envelope. If we stay in a setting of one-to-one time-frequency
representations, this ideal case is not possible. One always has to account for uncer-

tainty in frequency and time: A good frequency resolution implies a bad time resolution
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Figure 3.2: A field (left) and a corresponding idealized time-frequency representa-
tion (right).

time

and vice versa. The first key idea behind our approach is to avoid this uncertainty by
considering a time-frequency object as the control and by mapping it to a control field
with a control operator that is not one-to-one. In a sense, we over-parametrize the con-
trol field. For example the control u could be a function defined on the time-frequency

plane RT x [0, 7] and the control operator B mapping u to a field could have the form

(Bu)(t) = Re/ u(w, t)e™t dw.
R+
The next question is how to force the control w to have a simple structure as in Fig-
ure 3.2b. Here we use a recently developed tool from optimal control, namely directional
or joint sparsity [FR08; HSW12; KW13; KPV14]. Directional sparsity means that one
has a function of several variables and has sparsity just in one direction. This is exactly
what we want here: We want our time-frequency control to be sparse in the frequency
direction but not sparse in the time direction. This behavior is typically obtained by

penalizing in nested LP spaces like
LYR*; L?(0,T)).

The work by Kunisch, Pieper and Vexler, which uses measure spaces instead of L' spaces,
seems closest to what we need in our application. With measures one can realize the
idealized time-frequency structure from Figure 3.2b by using sums of Dirac measures
in frequency multiplied by envelopes in time. Compared to previous uses of directional

sparsity, we will need to adapt the setting to also obtain the desired smooth behavior in
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the time direction. A natural choice for the control space then is
M(S; Hy(0,T)),

a space of function-valued measures defined on the frequency domain 2 with valued in the
function space H& (0, T) of weakly differentiable functions in time. Having homogeneous
Dirichlet boundary conditions is appropriate in the setting of a control field that is
switched on and off.

The setting described in this section fits in a more general control framework. In the

next section, we will give a rigorous definition of this framework.

3.2.2 An Abstract Control Framework

In this section we will present an abstract control framework for the sparse control
of quantum systems. It is a suitable generalization of the motivating example given
in the preceding section. We will formulate the optimal control problem and state
explicit assumptions on the involved mathematical objects. Examples will be provided
in Section 3.2.3.

The optimal control problem we solve will be of the form

%(w(:r), OY(T))3 + allull mown

s.t. 10 = (H(] + Bu - Hl)w, w(O) = y.

Minimizey ,

(3.3)

Here, we minimize the cost functional

J0b,w) = S0(D), OB(T) ) + ol g

consisting of the scaled expectation value of the observable O at the final time T > 0
and the scaled measure norm of the control u in the space M(€;U) of bounded regular
vector measures defined on the sparsity domain 2 with values in the space U. The
second summand is weighted by a cost parameter o > 0. The control operator B maps
the control u to a control field Bu, which enters in the equality constraint. The equality
constrained is to be understood in the mild sense as discussed in Chapter 2. We will
now present the precise assumptions for the general control framework.

For the measure space, we assume the following.
(A3) The sparsity domain €2 is a locally compact subset of R™ for some n € N.

(A4) The space U is a separable Hilbert space.
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Assumption (A3) on the sparsity domain allows for sufficient flexibility to consider dis-
crete sets like N or a continuum like R. In fact we allow for those sets {2 that can be
written as a set theoretic difference of two closed sets. The restriction to subsets of RV
is probably not necessary and the theory should also hold for general locally compact
spaces. Assumption (A4) gives us the flexibility to consider different function spaces,
but also finite dimensional spaces or just the real numbers. The choice of this space has
a big influence on the structure of optimal controls, as we will see in Chapters 4 and 7.
We will formulate the control framework in the space M(€2;U) of bounded regular vector
measures. An introduction to vector measures can be found in [Lan93] and an exhaustive
treatment is given in [DU77]. For most parts of this thesis it is not strictly necessary to
be familiar with vector measures. This is because we can often use the decomposition
of a vector measure u € M(€;U) into a positive measure |u| € M(Q2) and a direction
u' € LY, |u|;U). Here, |u| is the total variation measure of u, see [Lan93, p. VII 3.1],
and v’ is the Radon—Nikodym derivative of u with respect to |u|, see [Lan93, pp. VII
4.1,4.2]. Thus, instead of working with the vector measure, one works with an ordinary
measure and a vector-valued function. The total variation norm of u in M(;Uf) is given
by

lullasen = /Q dJul(w).

Under assumptions (A3) and (A4) we have the duality
Co(QU)* = M(Q;U). (3.4)

A proof of this result, known as Singer’s theorem [Zin57], is given in [Mez09]. It can
also be derived from the original result for compact 2, see the comment in [Cam76, p.

2]. The duality pairing is given by

(s ueopt = /Q (p(w), o (@) ] ) (3.5)

for u € M(Q;U) and ¢ € Co(;U). We identify the dual U* with U by the Fréchet—
Riesz representation theorem. This is a natural identification in this abstract framework.
Choosing non-Hilbert spaces for I/ is also interesting, but for simplicity we restrict ourself
to the simpler Hilbert space case. The duality (3.4) and the separability in assumption
(A4) make M(;U) the dual of a separable space [Bou65, Prop. 1]. This makes the
sequential Banach—Alaoglu theorem applicable [AB06, pp. 6.25, 6.34, 3.17]. This will be-
come important for showing the existence of solutions to problem (3.3). As in Chapter 2

we will equip & with a real Hilbert space structure.
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For the control operator, we will assume the following.

(A5) The control operator B satisfies B € B(M(Q;U), LP(0,T; RE)) for some 1 < p < oo

and has a predual operator.

Here, the natural number L has to fit the description of the equation. The condition
p > 1 is used to make the compactness result in Proposition 6 applicable. We say that a
bounded linear operator B has a predual operator A if A* = B in the sense of operators

between Banach spaces. In our case this means that
A: LU0, T;RE) — Co( 1),

where %—i— % =1 and
(Af, U>CO,M =(f, BU>L<1,LP

for all f € L4(0,T;R”) and u € M(£;U). Here we already used the duality (3.4). For
non-reflexive spaces we do not necessarily have B* = A. Instead B* is an extension of A.
Having a predual operator often corresponds to additional regularity of the operator B*.
More specifically, it implies weak-%-weak(-*) continuity of B and in particular u, — u
in M(Q;U) implies Buy, &, Bu in LP(0,T;RY). The existence of a predual operator
will be used in the existence proof and to provide optimality conditions. In slight abuse
of notation, we will use B* as a notation for the predual operator. Since B* appears
in the optimality system its structure is of importance. In the examples we will see the
influence of the choice of B and & on B*.

The observable O has the following regularity.
(A6) The observable O is a self-adjoint bounded linear operator on H.

Using bounded observables fits naturally in our equation setting. Other authors use
stricter assumptions on the observable like O € B(H) N B(V) for the space of higher
regularity V discussed as in Section 2.2. This assumption on higher regularity is need
for their more restrictive solution theory since one needs to study solutions of the ad-
joint equation with terminal condition given by Oy for some x € H. We do not need
this higher regularity here. Using observables with even less regularity, like unbounded
operators, is of physical interest and is, for example, done in [Hin+13]. Minimizing a
functional containing the expectation value (¢(T'), Oy (7)) results in final states ¢ (T")
close to the eigenspace corresponding to the smallest eigenvalue of O. Often O is an
orthogonal projection on a subspace we want to leave. Then 3 (i(T), O1(T))y € [0,0.5]

and we can use a probabilistic interpretation of the scaled expectation value. The value
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0 correspond to a 100% and the value 0.5 corresponds to 0% chance of achieving the
control objective to leave the subspace. Instead of expectation values at the final time
one could also use a cost distributed in time [KHK10]. To allow for the control into a
subspace of a prescribed eigenvalue, and not just the lowest one, one can use squared
expectation values [Hin+13].

Note, that although equation (2.1) is linear in the state and linear in the control, the
resulting bilinear control problem is not convex. In addition, the measure norm is convex
but not differentiable. Therefore (3.3) defines a nonconvex and nonsmooth optimization
problem.

Instead of the constrained optimization problem (3.3), we can equivalently study the
unconstrained problem

Minimize j(u), ue M(Q;U) (3.6)

of the reduced cost functional

() = T(u), w) = 5 (@) (T), 09 (T + allul oo,

where 1 (u) denotes the solution of (2.1) for a given control u. The functional j is
called reduced cost functional since the explicit dependence of the cost functional on
is dropped. Unconstrained problems are sometimes easier to study from a theoretical
point of view. We will use the reduced approach to show existence of solutions and
to prove optimality conditions. From the numerical point of view, it also reduces the
degrees of freedoms of the problem and it is possible to directly apply techniques from
unconstrained optimization theory. We also use the reduced approach in the numerics.

We will now prove the existence of solutions to problem (3.3). After the preparations
in Chapter 2 and defining a suitable rigorous framework in this section, we can follow a

standard proof pattern: the direct method in the calculus of variation.
Theorem 8. There exists a solution (¢, u) € C([0,T);H) x M(Q;U) of (3.3).

Proof. We will use the reduced formulation (3.6). By Lemma 3 and (A6) the reduced
functional j is bounded from below. Hence, there exists a minimizing sequence (uy)n
satisfying

liinj(un) = 12f](u) (3.7)

The sequence of minimizing controls (u, ), is bounded in M(2;U) as a consequence of
a > 0. Because of the duality (3.4), M(Q;U) is the dual of a separable Banach space.
Therefore, by the sequential Banach—Alaoglu theorem, the sequence (uy,), has a weak-x

convergent subsequence still denoted by (uy), with limit « € M(Q;U). The weak-*—
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weak(-x) continuity of B implies Buy, TGN Bu in LP(0,T;R¥Y). By Proposition 6, the
corresponding sequence of states (1, ), satisfies ¥, (T') — 1(T'). Thus, the first summand
of j converges, i.e. (¢, (T), O, (T)) — ((T), O1)). The second summand of j is weak-*
lower semi-continuous as it is a norm in a dual space [AB06, p. 6.26]). Thus, we obtain
lim,, j(u,) > j(@). Together with (3.7) this implies the claim. O

3.2.3 Examples

In this section we will present several examples for the abstract framework presented in
the preceding section. We discuss different choices for the sparsity domain €2, the space
U and the control operator B. In the examples we will always use L = 1. Generalizations
of the examples to L > 1 are often immediate and depend on the equation studied.
The first example was the motivation for the general functional analytic framework.
In this example u will represent a time-frequency representation and B will generate
the corresponding field. The control u consists of different frequencies with smooth

envelopes. This can be modeled as follows.

Example 3. Let Q C R be closed, U = H}(0,T;C), p= o0 and L = 1. We define B
by
(Bu)(t) = Re/ ' (w, t)e™ d|u|(w), (3.8)
Q

Here v is the Radon—Nikodym derivative of u with respect to |u| as in (3.5).

Let us check the validity of assumptions (A3-A5). A closed subset Q C R™ is locally
compact, which shows that (A3) holds. The space H&(O,T ;C) is a separable Hilbert
space, thus (A4) holds. Here, it is equipped with the scalar product

T
(v, why = Re / o)A (t) dt,
0
where bar denotes complex conjugation. To show that B is a bounded linear operator,

we use a duality argument. Define the operator A: L'(0,T) — Co(:;U) for f € L'(0,T)

and w € Q by the weak solution of the Poisson equation

— Ay(Af)(w) = fe, (3.9)

with homogeneous Dirichlet boundary conditions, that is (Af)(w) € U such that

Ti.
(AF) (W), Pl = Re /0 e (t) dt
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for all ¢ € U. Indeed, unique solutions exist with

ICAS) @)l < 1fe™™ m-100m,0)

and the solutions depend continuously on the right hand side. This gives Af € C(Q;U).
If ©2 is bounded, this implies Af € Cy(2;U) since 2 is closed and therefore compact. If
is unbounded, we have fe=" — 0in L'(0,T;C) for w — oo. Together with the compact
embedding of L!(0,T;C) into H~1(0,T;C) in one dimension, we obtain (Af)(w) — 0
for w — o0o. Thus, A is a well-defined bounded linear operator. Hence, its dual operator
A*: M(Q;U) — L*°(0,T) is bounded and linear. Since, using Fubini’s theorem, we have

(Af, ubcn ez Mz = /Q (AP (@), 1 (@) ()

:/QRe/OTf(t)eiwtu'(w,t) dt d|u|(w)
:/OTf(t)Re/ (w, £)e™" dlu(w) dt

u
Q
= (f, Bu)p1(0,1),L°°(0,T)
for all f € L'(0,T) and u € M(Q;U), we obtain A* = B. Therefore B: M(Q,U) —

L*>°(0,T) is a bounded linear operator and has a predual operator.

Typical choices for frequency domain € include the whole positive real line RT, a
closed interval or even a discrete set of admissible frequencies. Taking the real part of
the integral in the definition of the control operator (3.8) could be avoided by using
Q C R with —Q = Q and requiring u to satisfy u(—X) = u(X).

For controls which are sums of Dirac measures, u = ) ; ¢4, where w, € Q and
cr € H}(0,T;C), we obtain

(Bu)(t) = Y Recy(t)e™*".
k
We allow U to contain complex-valued functions. This allows for a shift in the different
frequencies and their phases without leaving the linear setting. If ¢x is decomposed as
ex(t) = lex(£)]e(0), then

(Bu)(t) = ) _ |en(t)] cos(wt + Ok (t)).
k

If the function 6; is constant, the phase of the frequency wy is shifted by ;. If the
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function 6y, is linear, the frequency wy, itself is shifted by ¢, in addition to the shift in
its phase. A general 6, can have a complicated influence on the control field.

In this example the identification of U* with U leads to an identification of (H})* with
H{ itself and not with H 1 as it is usually the case. I hope that this causes no confusion.
One can of course also use the standard identification, but then one has to be careful
about the definition of the predual operator and also with the optimality conditions as
presented in the next chapter.

Equation (3.9) gives that for each w the function (B*f)(w) satisfies a one-dimensional
complex-valued differential equation. The equations are not coupled for different w. It is
important that €2 is closed. Otherwise the operator B* would not satisfy the necessary
homogeneous Dirichlet boundary conditions on 2. This means that B would not have a
predual operator but just a dual operator and would in particular not be weak-*—weak (-

%) continuous. The operator B* can also be written as

T
(B* f)(w.1) = /0 G(t, 5)f(s)e ™ ds,

where GG is the Green’s kernel for the one dimensional Laplace equation.
The control operator B is related to the Zak transform [Gré01, p. 8.], in particular,

see the inversion formula (8.9) in this reference.

In the preceding example, the smoothness of the envelope functions comes from the
choice U = H}(0,T;C). The envelopes have to be functions with a certain smoothness.
A different approach would be to put the smoothness of the envelopes into the control

operator B, as is done in the following example.

Example 4. Let Q C R be closed, U = L?(0,T;C), p = oo and L = 1. We define B

for a smooth, non-negative and symmetric kernel k: [0,7]?> — R by

T
(Bu)(t) = Re/ﬂ/o k(t, s)u' (w, s) ds ™" d|u|(w). (3.10)

The kernel k is often of the form k(¢, s) = n(t—s) for some smoothing kernel n. A typical

example for 7 is a Gaussian kernel, 7(t) = \/Zi? exp(f%

suitable boundary conditions like homogeneous Dirichlet boundary conditions. We will

). The kernel k can also induce

assume that k is such that the operator K defined by

T
(K f)(t) :/o k(t,s)f(s)ds (3.11)
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time time

(a) (b)

Figure 3.3: Coefficients of different kernels. In (a) the Green’s function of the one-
dimensional Poisson equation, in (b) a modified Gaussian kernel.

is a compact self-adjoint operator on L?(0,T;C) and can be extended to a compact
operator K : L'(0,T;C) — L*(0,T;C). The control operator can also be written as

(Bu)(t) = /Q(KU'(w))(t)ei“’t dluf(w).

In contrast to the control operator in Example 3, here we first smooth the envelopes and
then modulate the frequencies with these smoothed functions. It follows that B maps
to L>°(0,T). For a Gaussian kernel we even obtain C'*° regularity of the fields.

In this setting the predual operator B*: LY(0,T) — Co(€2;U) has the form

T . .
(B f)(w, t) = /0 k(t, ) f(s)e ™ ds = K (fe™™")(t). (3.12)

For a Gaussian smoothing kernel, B* has the form of a short-time Fourier transform [Gro01,
p. 3.].

We can compare the structure of the predual operator B* for Examples 3 and 4.
Example 3 leads to a global time-frequency representation B*. That means that it has
a global window kernel equal to the Green’s function G depicted in Figure 3.3a On the
other hand, Example 4 with a modified Gaussian kernel leads to a nice time-frequency
representation with a Gaussian window, see Figure 3.3b.

One can ask the question whether one can choose a better space U such that the
natural control operator B as defined in (3.8) results in a predual B* as in (3.12) with

a useful kernel. This is possible, as we will see in the next example. In fact we will
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see that the choice of U presented in the next example gives rise to an optimal control

problem equivalent to the one from Example 4.

Example 5. Let Q and B be as in Example 3 and let k be a kernel as in Example 4.
Under suitable assumptions, which are satisfied for Gaussian kernels, the kernel k defines
an injective positive compact operator K on L2(0,T;C) by (3.11). We use its inverse
A = K~! to define the scalar product (-,-); := (A-, A-);2 on the domain of definition
Uy := D(A) of A. Then the control operator B defined by (3.8) results in a predual

operator given by
(B*f)(w,t) = (E*(fe™))(1),
(f, Bu) L1(0.1). L= (0.7) = / f(t) Re/ "(w, t)e™" d|ul(w) dt
/Re/ FOe @ (w, £) dt dlu| (w)
_/Q< K2 (fe ™), KW (W) 2070y dlul(w)
_ /Q (K2 (fe™™), v/ (@), dlul ().

Next we will discuss the equivalence of this example to Example 4. We will show
that there is an isomorphism between the control spaces such that the control field and
the cost functional value are preserved. We denote by U and B the space and operator
from Example 4. Then K defines a isometric isomorphism from U to Uj,. We define the
operator X : Co(;U) — Co(Q;Uy,) by

(Xp)(w) = Kp(w).

Then X is an isometric isomorphism and so is its dual X*: M(Q;U,) — M(;U), which
implies
1 ullpregy = Nl (3.13)
for u € M(Q;Uy). Since for ¢ € Co(Q;U) and u € M(Q;Uy), we have
(Xev)cooun mou) = | (), o@D, dlul(w)

= [ tote) K )z il
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and due to ||[K '/ (w)]l7 = ||v/(w)|es, = 1, the dual X* of X is given by
dX*u = K1/ d|ul.
Therefore we obtain
(BX*u)(t) = | (KK (w)(t)e™ dful(w)
u' (w, t)e™ d|u|(w)

(Bu)(t).

S— 55—

Same control fields result in the same state ¥ and in the same expectation value, and
the norm in the cost functional is preserved due to (3.13). Thus, we see that the values
of the cost functionals for controls in M(;U},) and the corresponding functional and
controls in M(Q,Z;l) is the same. Therefore locally optimal controls are mapped to

locally optimal controls with the same cost functional value.

Our functional analytic setting also covers interesting cases where U does not contain
time dependent functions. This corresponds to what is already done in the literature, as
will be explained in Section 3.2.4. The next example does not work with time-frequency

controls but uses just frequency control.

Example 6. Let Q@ C RT and let 4 = C. Then the control space M(Q;C) is the
space of complex measures on ). We define the control operator as the inverse Fourier

transformation for measures,
(Bu)(1) = Re / o () dJu(w). (3.14)
Q

In the ideal case, optimal controls will be sums of few Dirac measures. The predual

control operator will just be the Fourier transformation for functions restricted to [0, 7],

T
(B D = [ e ar

For €2 = N we obtain the interesting case of sparsity in the Fourier coefficients.

Working just with the frequency structure of the fields is what is often done in the
literature. This will be explained in more detail in the next section.
The next example shows that {2 need not always be a frequency domain. There it will

be a time-frequency domain where sparsity is desired in both the time and frequency
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direction.

Example 7. Let O € Rt x [0,7] be closed and let # = C. We define the control
operator by

(Bu)(t) = Re/ﬂu'(w,s)gw,s(t)du|(w,s) (3.15)

for the functions
Guw.s(t) = k(t, s)eiw(t_s)

with a Gaussian kernel k. With this control operator, each Dirac measure ¢, ;) corre-
sponds to a Gaussian wave packet located around time ¢ with frequency w. Using sums
of Dirac measures one can generate control fields with a pulse structure. The predual

control operator is then given by

T
(B f)(w,t) = /0 ) (s) ds.

For discrete sparsity domains €2, we are in a setting of optimizing coefficients in front
of given ansatz functions g. It is possible to use different ansatz functions. As in
Example 4, the control operator and adjoint control operator are related to short-time

Fourier transformations.

There are much more examples that fit to our framework. We just wanted to give an
idea of how flexible the framework is. We will now put our framework into context with

the existing literature.

3.2.4 Previous Approaches on Sparsity in Quantum Control

There are several papers on dealing with the complicated oscillating structure of controls
in optimal quantum control. They can be broadly classified into two categories. One
approach is to use modifications of the original L? optimal control techniques [Ren+06;
CBO06; Lap+09; Hoh+07; WBO08; Hin+13; KHK10]. Another approach is to use low
dimensional, often nonlinear, parametrizations of the control field [Dio+02; TLRO04;
SSB10; CCM11; Rue+11]. In this section we describe how those approaches are related
to our new control framework.

Let us first discuss the approach that uses modified optimal control techniques. They
often proceed as follows. First one sets up an iteration procedure to solve an optimal
control problem that generates control fields with an undesirable frequency structure.
Then they include an additional step in the procedure to make the frequency structure of

the control field more desirable. Examples include a smoothed version of the restriction
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to predefined admissible frequencies [CB06; Lap+09]. A different modification does
not require predefined frequencies but just damps frequencies with small contributions
[Ren+06]. In our framework, manipulating only the frequency structure of control fields
corresponds to a setup like the one in Example 6. There, constraints on the frequencies
can be obtained by modifying the sparsity domain 2. Using minimization with measure
norms, as generalization of an L' norm, leads to controls that only have few frequencies
with large contributions. Most other frequencies have vanishing or negligibly small
contributions. This leads to comparable results as the damping of small frequencies. This
idea will be discussed further in Section 4.2.2. Our framework provides a more systematic
approach to simplifying the frequency structure of control fields by formulating a suitable
optimal control problem. This systematic approach makes fast optimization methods
applicable. In numerical experiments we saw that sparsity in frequencies often does not
lead to satisfactory controls since sparsity in frequency decreases time structure of the
control fields. Our new framework allows to work with time-frequency representations
where good localization in frequency does not destroy localization in time. This is a
major advance compared to the literature.

Another optimal control approach that deal with oscillating controls uses a setup that
penalizes fast oscillations. This is done by using H'-type norms of the control field as
costs in the cost functional [Hoh+07; WB08; Hin+13]. For the applications that we
have in mind, this sometimes leads to undesirable controls. Penalizing fast oscillations
makes transitions with large energy differences less favorable, which causes problems for
quantum systems where those transitions are the desired control mechanisms. We will
see this effect in the numerical experiments in Chapter 7.

The second approach, which is based on low dimensional parametrizations, typically

starts from an expression of the control field of the form
N
E(t) = Z by (t) cos(wnt + 6;,) (3.16)
n=1

where N € N, a,, € R are scaling coefficients, b,: [0,7] — R are envelope functions,
wy, are the frequencies and 6,, are phase shifts, see [Dio+02; TLR04; SSB10; Rue+11;
CCM11]. The problem lies in finding suitable values for the parameters. For a fixed small
N, and fixed frequencies w, and phases 6,, one can try to find optimal b, which are
parametrized with a low number of degrees of freedom [SSB10]. One can also additionally
optimize the phase shifts [Dio+02; TLRO04]. For this highly nonlinear problem, derivative
free methods are used, also see [CCM11]. Those methods have the advantage that they

can be used directly in an experimental setup. Methods based on derivatives require
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more knowledge about the controlled system since derivatives are not directly accessible
in experiments. Disadvantages are the inherent nonlinearity, which makes them difficult
to solve, and the heavy dependence on the chosen parametrization, which makes them
inflexible. With respect to a parametrization of the form (3.16), our framework can be
understood as follows. We make N large and allow for frequencies w, on a fine grid.
As a limit one can think of the frequencies as a continuum. On the other hand, we
force a to be sparse in the sense of having only few nonzero entries or, in the limiting
case, to be a measure a € M(2) with small support. In our framework we can solve
for b, without restricting ourself to a small number of parameters. Instead, we look
for b, or, in the limit case, b(w) in some space U of complex-valued functions. The
complex phase of b then results in phase shifts. Normalizing b, we end up with an object
u € M(Q;U) with ' = b and |u| = a. The parametrization (3.16) then corresponds
to a control operator of the form (3.8). In our framework one can also restrict the
frequencies to a prescribed small discrete set and only solve for the envelopes b,. One
possible disadvantage of our approach is that we cannot directly model the parameters
of a realistic laser source because these parameters typically influence the field in a
nonlinear way. This is a problem inherent in our current approach since it is a linear
one. Adding realistic experimental constraints is interesting and relevant, but beyond
the scope of this thesis. Another disadvantage is the often large number of degrees of
freedom, which make derivative free methods difficult to apply.

We see that most previous approaches on sparsity in quantum control can be realized
with our general framework. In addition, our framework provides a powerful generaliza-

tions to the case of time-frequency control.
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4 Necessary Optimality Conditions

In this chapter we derive optimality conditions for optimal solutions to the problem
proposed in the previous chapter. We first look at derivatives of expectation values in
the context of mild solutions. Those results will be used to study necessary optimality
conditions for our new framework. We will then briefly discuss optimality conditions
for the case of discrete sparsity domains and for concrete realizations of our control

framework.

4.1 Optimality Conditions and Mild Solutions

The first order optimality conditions we derive are based on the differential of the cost
functional. In our case, where the cost functional consists of a smooth and a nonsmooth
part, we will first study the smooth part. The smooth part is given by a quantum me-
chanical expectation value. Therefore we study the derivative of expectations values in
the direction of the control field. Since the quantum system enters the cost functional
only in the expectation value, this is where we need to deal with the solutions of differen-
tial equations. In particular we will see how it is possible to represent the derivatives in
the setting of mild solutions. We will use those results to derive the optimality conditions
for the Hilbert space case that is typically studied in the literature. In contrast to the
literature, we will not follow a Lagrange functional approach but directly differentiate

the reduced cost functional.

4.1.1 Differentiation of Expectation Values

In this section we will provide representations for derivatives of expectation values in
the direction of the field. The representation can formally be derived using a Lagrange
functional approach [PDR88]. Under suitable assumptions this approach can be made
rigorous [WBV10]. But the Lagrange approach does not fit conveniently to the mild
solution framework. Therefore, we will directly compute the derivative using the differ-

entiability results from Section 2.2.2.
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4 Necessary Optimality Conditions

Let f: L'(0,T;RY) — R be defined as

1

F(B) = 5((T), O9(T)), (4.1)

where 1) is the solution of (2.6) for the field E € L'(0,T;R%). We are interested in
derivatives of f in the direction F. In the next lemma, we will see that the derivative is
given by

F1(E) = (o, HY)u

where ¢ is the mild solution of the dual equation

L
i0hp(t) = (Ho+ Y E@H)¢(t), @(T) = O%(T). (4.2)
=1

This means that for all ¢ € [0,7] we have

o(t) = G(T — 1) OY(T / Gls — )" E(s) - " p(s) ds, (4.3)
which can equivalently be written as

o(t) = &(T,t)*OyY(T). (4.4)

We also introduce the solution 7" and ¢’ of the inhomogeneous equations, respectively,

L
i0p (t) = (Hy —I—ZE )iH) ) Z5E S H (1),
Py (4.5)
¥'(0) =0,
and
0! (t) = Ho+ZE ) H))gp +26E (O Hip(t),
= =1 (4.6)
¢'(T) = OY/(T).
In mild form they read
/Gt—s ). H (s ds+/Gt—s)5E() Aus)ds  (47)
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4.1 Optimality Conditions and Mild Solutions

and

T
O(t)=G(T—t)"OyY' (T / G(s—t)*E(s)- H*¢/(s) ds+/ G(s—1)*0E(s)- Hep(s) ds
: (4.8)
for E € LY(0,T;RY).

Using v, ¢, 1’ and ¢’, we can represent the derivatives of f in the following way.

Lemma 9. Let E,6E,7E € L'(0,T;R"), and let 1, ¥', ¢ and ¢ be the corresponding
solutions of (2.6), (4.7), (4.3) and (4.8), respectively. Then the map f defined by (4.1)

s two times continuously differentiable with derivatives

)(OE) /515 F()) dt (4.9)
and
T ~ ~
PUEGEAE) = [ B (10 B+ (O TV O . (210)

Proof. Proposition 4 and the product rule [Lan93, XIII,§3] give continuous differentia-
bility of f and using O* = O, we obtain

f1(w)(6u) = (O9(T), ¢'(T)).

By Proposition 4 and the discussion after Proposition 1, the derivative of % in the

direction §F is given by 1)’ and can be written as
T ~
"T) = / &(T, 1)[5E() - Hu(t)) dt
0
Together with (4.4) this implies

F(B)GE) = (Ou(T), &/ (T)n
T
— (O¥(T), / (T, OE() - Bo(t)] i)

/ SE(t) - (B(T, 1) Ob(T), Hih(t)) dt
/ 5E - {p(t), H(t)) dt,

which is (4.9).
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4 Necessary Optimality Conditions

For the result on the second derivative, we will again use the product rule. By Corol-
lary 5 and the chain rule [Lan93, XIII,§3], the function ¢’ indeed is the derivative of ¢

in the direction 0 . Therefore we have
T ~ ~
FUBNTEE) = [ 7B (1O Bole)n + (o(0) 0/ O)) .

Since f” is continuous, a consequence of continuous differentiability of ¢ and ¢, we can
exchange the order of the directions [Lan93, XIII, Theorem 5.3] and obtain (4.10). [

In the next section we will use the representation of the derivatives to give optimality

conditions for the Hilbert space case.

4.1.2 Optimality Conditions for the Hilbert Space Case

In this subsection we present well known results in the Hilbert space case. Using the
results from the preceding section, we give optimality conditions for the Hilbert space
problem (3.2) and provide representations of the gradient and Hessian of the correspond-
ing reduced cost functional. We will see that the different choices of the control field
space &£ will lead to a different qualitative behavior of the local optimizers. The explicit
representations of the derivatives of the reduced functional can be used to set up an
optimization method using a first-optimize-then-discretize approach.

For a Hilbert space £ continuously embedded into L*(0, T’; RL), we define the reduced
functional j: £ — R by

Jnin(B) = 5((T), 0u(T)) + S1BI2,

where 1) is the solution of (2.6) for the field E' € £ and « > 0. The derivatives of juip

can be expressed in terms of ¢, ¢, ¥ and ¢'.

Proposition 10. Let E,0E,7E € £. The first and second derivatives of jrp are given
by
T ~
I E)OE) = [ B0 (ol0), (Ot + (. 6E)e (.11)
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4.1 Optimality Conditions and Mild Solutions

Proof. The result follows from Lemma 9 and the fact that norms of Hilbert spaces are

differentiable with directional derivatives given by scalar products. O

The form of the gradient and the action of the Hessian depend on the Hilbert space
structure of £. Let us first consider the case & = L?(0, T;R*). Then (4.11) implies

Vinin(E) = aE + (p, H)n (4.12)

and in the optimum E we have

1 o

E = ——(p, Hi)n. (4.13)

For the action of the Hessian, we obtain
Ve inin(E) - 0E = adE + (¢, H)y + (0, HY )u. (4.14)
For the case €& = H} (0, T;RL), we get
T T
| uVian(B) ~ ap) -5t = [ (o o) SE L
0 0

for all SE € H}(0,T). This means that z = Vijpy,(E) — aF is the weak solution of

—Az=(p, H ,
(o, H)n (4.15)
2(0) = 2(T) =0,
which is to be understood component wise, and in the optimum E we have
AE =~ (g, 110)
o @ H> (416)

E(0) = E(T) =0.

For the action of the Hessian, we obtain

T T ) i
/0 (V2 jnino (E) - 0F — adE) - 0,7 E dt = /0 (4, ) + (o, HO ) - Bt

for all 7E € H{(0,T). This means that z = VZjy(E) - 6F — adE is the weak solution
of 5 3
—Az = (¢, HY)y + (. HY' ),

2(0) = 2(T) = 0. @17
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4 Necessary Optimality Conditions

Comparing (4.13) and (4.16), we see the smoothing effect of the H} regularization com-
pared to the L? regularization. In numerical experiments we see that the function
(¢, H)y typically oscillates in time. In (4.13) we can see that the optimal control for
& = L? inherits those oscillations. Equation (4.16) implies that for £ = H} the opti-
mal control is a smoothed version of the oscillating function. In our application where
oscillating controls are expected and necessary, this can lead to undesirable optimal con-
trols that have large low frequency contributions. We will discuss this effect further in
Chapter 7.

In the Hilbert space case, one can also formulate second order conditions for optimality
for sufficiently large . Using Proposition 10 and the stability estimates from Corollary 3,
we obtain comparable results to [WBV10, Thm. A.9].

Proposition 11. For a > 0 large enough, there exists ay > 0 such that for all E,0F € £

one has
Jrian(E)(OE,6E) > v||0E||7. (4.18)

Proof. By Proposition 10 we have

T
it (E) (OB, OE) = /0 SE(t)- ({6 (), HY)n + ((t), F (1)) dt+a0E|2. (4.19)

To give an estimate for the time integral, we use Corollary 3. We immediately obtain

the estimates

[ (@) ln=llvoll

and
e [#=110%(T) I < [|10llB0) 1%l

for all t € [0,T]. For ¢’ and ¢’, we obtain the estimates

¢
19" ()l < /0 [0E(s) - H(s)|[nds < | H[[[[¢olla |6 E || L1 (0,71
and

o' @)ll2¢ < 109 (T) 3¢ + IO E | 1 o,z N Oll 53y 10124
< 2[Ollsa) 1 H ol 10E | L1.0,7m2)
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4.2 Optimality Conditions for the Measure Space Case

for all t € [0,T]. Therefore we have

T
[ aB ) (1O Frutepm+ (ot0). 70 O))

< 0B Lo, zmey 1 HI (1" @ llaell () 3¢ + (@) llaelle (1) 132)
< 31Ol se 1 7 140 3O E 171 0 ey

Pluging this into (4.19) yields
F"(B)OE,0E) = a||6E|z = 311015 | H 10 F OB o ey -
Due to the continuous embedding of &€ into L*(0, T RE ), there exists a constant ¢ with
16Elle < clldEl L1(0,rme)
for all 6F € £. This implies
F"(B)OE,0E) = (a =3¢ Ol san | H P[40 lF)IOE 1o 721y

Choosing
a >3O0l | H I 1voll3,

gives (4.18) with v = a — 3c2(|O||g(zg) | H || [|2b0]13, > 0. O

4.2 Optimality Conditions for the Measure Space Case

Next, we study optimality conditions for the new control framework proposed in Chap-
ter 3. The conditions are useful to understand the structure of optimal controls. First
we derive necessary optimality conditions for the general case. They lead to a condition
on the support of optimal measures. Then we will look at the case of discrete spar-
sity domain, where a special reformulation of the optimality conditions in terms of a
shrinkage operation can be given. We will close the chapter with a discussion of the
optimality conditions for some of the concrete realizations of the general framework for

time-frequency control.

4.2.1 Optimality Conditions for General Sparsity Domains

We will derive an optimality system for optimal controls of problem (3.3). As in Sec-

tion 4.1.2, we will use the reduced cost functional. The reduced cost functional j can be
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4 Necessary Optimality Conditions

decomposed as
j(u) = f(Bu) + g(u) (4.20)

with the expectation value f as in Section 4.1.1 and the scaled norm

9(u) = alullm@u)-

This is a decomposition into a differential but nonconvex part and a convex but non-
differentiable part. Utilizing this decomposition we prove that optimal solutions satisfy
the optimality system below. The proof is done along the lines of the proof of Theo-
rem 2.11 in [KPV14] with modifications due to the nonlinearity of the problem, compare
[CHW12| and the references therein.

Proposition 12. Let @ be a minimizer of problem (3.6) and let v and @ be the solutions
of (2.6) and (4.3), respectively, for the control field Bu. Then

allal|pm = —(B*(@, H)2, B) co 000, M) (4.21)

and
1B*(@, Hd)ulloyaz < o (4.22)

Proof. Let @ be a minimizer of problem (3.6) and let 1) and @ be the corresponding
solutions of (2.6) and (4.3). We first show the variational inequality

9(@) - f'(Bu)(Bu - Ba) < g(u). (4.23)

Since @ is optimal, we have

i+ b — ) — (@) 2 0

for u e M(;U) and h € (0,1). Using the decomposition (4.20) and convexity of g, this
implies
1 _ _ _ _
E(f(Bu + h(Bu — Bu)) — f(Bu)) + g(u) — g() > 0.
Since f is differentiable, taking the limit A — 0 yields (4.23).

Testing (4.23) with v =0 and u = 2u gives

g(@) + f'(Bu)(Bu) = 0. (4.24)
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4.2 Optimality Conditions for the Measure Space Case
Substituting (4.24) into (4.23) gives
— f'(Bu)(Bu) < g(u) (4.25)

for all u € M(Q;U).

Using Lemma 9 on the derivative of f, equation (4.24) gives

9(w) = —((@, H)3, Bu)pa,rp = —(B™(p, HY)w, U)co,m

which proves (4.21). From (4.25) we obtain

~(B*(@, H)w, uhcom < allul m-

Testing this inequality with u = —d,,(B* (¢, H V)3 (w) for some w € Q yields

1(B*(@, Hib)a) (@) Iy < all(B* (@, H)p) (@) lu

which gives (4.22). O

Remark. Proposition 12 provides only a necessary condition for local optimality. Due to
the nonlinear structure of the problem (3.3), we expect that there also exist non-optimal

critical points of j as well as local optima that are not global.

Remark. The proof of Proposition 12 can be decomposed into three steps. First one
shows (4.23), then the two statements (4.24) and (4.25), and finally the claims (4.21)
and (4.22). Each of those steps can be carried out in a more general setting. The first
step only uses differentiability of f o B and convexity of g. For the second step one
additionally uses that g is positive homogeneous of degree one. The estimate (4.22) in
the third step uses that ¢ is a norm. It then follows from the duality of Cy and M and

the resulting characterization of a norm through the dual.

Remark. In view of the preceding remark, one can also prove Proposition 12 using more
general tools from convex analysis. The proof is much more involved, but provides
insights into the underlying structures and translates directly to a more general setting.
First we show

— (f o B)(u) € 0g(u). (4.26)

The inclusion (4.26) can formally be derived as

@ optimal = 0 € 9j(u) = (f o B) (u) + dg(u) = —(f o B)'(u) € dg(a).
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4 Necessary Optimality Conditions

This argument can be made rigorous using the correct notion of differentiability. Since
we split our functional into a sum of a nonconvex and a nonsmooth part, we need to
fall back on the very general differential calculus of Clarke, see [Cla90]. The optimality
condition 0 € 9.j(u) ([Cla90, Prop. 2.3.2]) can be rewritten as 0 € 0.(f o B)(u) 4+ d.g(w)
([Cla90, Cor. 1 of Prop. 2.3.3]). Since the differential of Clarke reduces to the derivative
and the convex subgradient for differentiable and convex functions, respectively ([Cla90,
Prop. 2.2.4 and Prop. 2.2.7]), we can rewrite this as (4.26). We can now proceed with
duality arguments, see [ET99, Chap. I, Prop. 5.1]. Equation (4.26) is equivalent to

g(u) +g*(=(f o B)'(u)) = —(f o B)'(u)(a). (4.27)

Here the convex conjugate ¢* of g is given by the convex indicator function of the
set {u* € M(Q;U)* | ||u*]m+ < a}. By Proposition 9 we have (f o B) (u) =
B*(@, Hy)3. Since we have the additional regularity B*(w, Hy)3 € Co(hU), we ob-
tain g*(=(f o BY(a)) = 0 if |B* (¢, HY)nllcowy < @ and ¢*(=(f o B)'(@)) = oo if
I1B*(p, HY)#llco@y > @ In the latter case, (4.27) cannot be satisfied. Therefore (4.22)
holds and (4.27) implies (4.21).

Proposition 12 implies the following interesting conditions for the support and direc-

tion of the optimal measure.

Proposition 13. Let @, ¢ and @ be as in Proposition 12. Then we have

suppla| C {w € Q| [(B*(, HY)w) (W)l = o}, (4.28)
ot (w) = —(B*(@, HY)»)(w), |t|-almost everywhere. (4.29)

Proof. Writing equation (4.21) as an integral yields

[ (o (B 1) ), @) i) = 0. (4.30

For the integrand we obtain by the Cauchy—Schwarz inequality, using ||@’(w)||y = 1 and
(4.22),

a+ (B, H)w)(w), @ (W) = a— [(B(@, HY)n) (@)llu > 0. (4.31)

Thus (4.30) says that the integral of a non-negative function vanishes. This yields

a+ (B¢, HY)y)(w), ' (w))y =0 (4.32)
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4.2 Optimality Conditions for the Measure Space Case

for |ul|-almost all w € Q. For those w the Cauchy—Schwarz inequality in (4.31) was sharp.
This implies
(B(@, Hp)p) (w) = e’ (w)

for some ¢ € R. Using (4.32) we obtain ¢ = —a which gives (4.29) and

1(B*(@, HY)3) (@)l = a

for |@l-almost all w € Q. Denote by h the map w — |[(B*(@, Hb)%)(w)|ly — a. Then
h is continuous since B*(@, H)# € Co(Q;U) and h(w) = 0 for |ul-almost all w. The
inclusion (4.28) then follows from the measure theoretic observation that a continuous
function h that vanishes |u|-almost everywhere satisfies supp|u| C h=1({0}). Otherwise
there would without loss of generality be w’ € supp|u| with h(w') > 0. Since h is
continuous, there is an open neighborhood V' of w’ with f(w) > 0 for all w € V, and
x € V implies |u|(V') > 0. This implies [, h(w) d|u|(w) > 0, in contradiction to h(w) =0

for |u|-almost all w. This concludes the proof. O

The relation (4.28) for the support of the optimal measure gives us the following

corollary.
Corollary 14. Let @ be a local minimizer of (3.6). Then supp|u| is compact.

Proof. Since B*(@, H{)) € Co(Q;U) we know that there is a compact set K C  such
that B*(p, HY) < a/2 for all w ¢ K. Using (4.28) this implies supp|@| C K. Therefore

supp|u| is compact as a closed subset of the compact set K. ]

This corollary has interesting implications in the case of unbounded sparsity domains.
It says that although the domain 2 might be unbounded, optimal solutions will always
have bounded support. This corresponds to a constraint on the implementation of lasers,
where arbitrary fast oscillations are not realizable. Unfortunately, we could not prove
stronger localization properties for the support. In the ideal case, one would like to
obtain something like discreteness of the support. For applications estimates on the

number of points in the support would be interesting.

4.2.2 Optimality Conditions for Discrete Sparsity Domains

For a discrete sparsity domain, an alternative reformulation of the first order optimality
condition can be given. A discrete sparsity domain is useful to model a case of fixed
discrete frequencies or coefficients in a discrete basis set. Another important case of

discrete sparsity domains is given by discretized versions of optimization problems on
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4 Necessary Optimality Conditions

continuous sparsity domains. We will see that the optimality condition given in this
section gives rise to an algorithm similar to the methods using sifting [Ren+06].

In this section we will use the following modification of assumption (A3).
(A3’) The sparsity domain Q2 C R" is discrete.

By a discrete set we mean a set that does only contain isolated points. We do not assume

that the set is finite. Under assumption (A3’) we can write elements u € M(Q;U) as

U= Zuwéw.

The mapping u + (uy, )., defines an isometric isomorphism between M (Q;2) and £ (Q;U).
Then elements of M(Q;U) and Cy(2;U) can be considered as elements of £°°(Q;U). To

rewrite the optimality conditions, we use the following shrinkage operation. Let the

sums of Dirac measures,

shrinkage operator S.: U — U be defined by

0 if ||z|lr < e,
5.0 B

z—cphy i 2l > ¢,

and extend the operator pointwise to S.: £°(Q;U) — £°(Q;U) by (Sc(u))w = Se(uy).

Alternatively, S. can also be written as

(Sdu»w——max<Q1——(:>1m.

(%

One can now reformulate the optimality condition in Proposition 13 as follows.

Proposition 15. Let @, 1 and ¢ be as in Proposition 12. Then we have

U = Syt — YB* (@, Hi)3) (4.33)
for every v > 0.
Proof. Let v > 0 and w € ). We will show that
= Sra (1w = V(B (7, HO)) () (4:34)
which implies (4.33) since w € Q was arbitrary. We consider the two cases 4, = 0 and

Ty, # 0.
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4.2 Optimality Conditions for the Measure Space Case
If @, = 0, then
Sha (T = 1(B" (0. HE})(@) ) = Sae (~1(B" (3, HE)) () ).
Since ||y(B*(@, Hp)p)(w) | < vor by (4.22), we obtain
Sy (=B, YY) (@) =0 = @

Together this gives (4.34).
Now suppose 4, # 0. By (4.29) we have

(B, H) () = (1 L )u

[

and taking the norm gives

|+ ) =
”Uw”u

Thus the definition of S, implies

= ||t + ya > ya.
U

Sha (T = (B (2, HE)2)(w)) =

<< HuwHu> )

Sya
LS e
||uw||u e [
Uy,

which is (4.34). O

An alternative proof idea using the theory of monotone operators can be found in
[GLO0S].

The optimality condition (4.33) gives rise to an iterative procedure. For a control wugq

together with its state 1oq and adjoint state gq, we obtain a new control by

Unew = Som(uold - 'YB*<8001d7 ﬁ¢old>'H)- (435>

Here vy can be interpreted as a step size. This method is a proximal gradient method [Roc76].
Condition (4.33) can also serve as a basis for a semismooth Newton method [Ulbl11,;

Piel5]. The proximal gradient method bears some similarity to the approach in [Ren+06].
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4 Necessary Optimality Conditions
There, an update of the form

Unew = Uold + S(Uupdate) * Uupdate

is applied, where uypgate is the original update and s can be thought of as a filter. In

contrast, equation (4.35) can also be written using a filter as

Unew = S(Ut)ld + uupdate) : (uold + uupdate)-

Here, the filter is applied to the whole right-hand side and not just to the update. In

our case, the filter is given by

sw:max<0,1—m>.
[t [les

In the case of sifting, we have, for example,

1 90
b = = <1 + tanh ( <||uw||u - max“”“‘“”“))) .
2 max,, ||ty ||u 3

In Figure 4.1 we have plotted the two functions for suitable values of a, v and max,||ue, ||¢/-

We will not go into detail here since we will follow a different approach for the numerics.

4.2.3 Additional Regularity of Optimal Controls

In this section implications of the optimality system for the regularity of optimal controls
in the case of concrete time-frequency controls are presented. We will discuss additional
regularity of optimal controls and optimal control fields for the setups of the Examples 3
and 4.

Using the optimality condition, one can often deduce additional regularity of optimal
controls. In the case of control with function-valued measures, we are mainly interested

in additional regularity in the function part of the measure. Utilizing the decomposition
du = v’ d|u]

this means additional regularity of the Radon—Nikodym derivative u'(w) for fixed w.

Proposition 12 gives

ot (w) = —(B*(@, HY)y)(w), |a|-almost everywhere.
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4.2 Optimality Conditions for the Measure Space Case
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Figure 4.1: The value of the shrinkage (solid) and sifting (dashed) filters plotted against

the norm of [|uy||z-
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4 Necessary Optimality Conditions

For the product (@, Hy)y, we always obtain the regularity C([0,T];R) since 1, @ €
C([0,T];H). Additional regularity for u’ now follows from regularity properties of the
predual control operator B*. For general control operators and vector measure spaces,
we might not obtain any additional regularity. We will discuss the concrete realizations

of our general framework given by Examples 3 and 4.

For the setup in Example 3, the operator B* is given by solutions of Poisson equations,
see (3.9). Since the right hand side of the equation satisfies (@, Hi))ye~ ™ € L?(0,T;C),
we immediately obtain the additional regularity u/(w) € H?(0,7T;C) and

lu' (@)l 2(0,750) < €

with a constant ¢ independent of w. Together with the compact support due to Corol-
lary 14, this will give H? regularity of the control field Bu. For discrete sparsity domains,
we can easily deduce this additional regularity since compactness implies finiteness of
the support. Then the integral expression in the definition of B collapses into a finite
sum. For continuous {2 the additional regularity of the control field follows from the

following lemma.

Lemma 16. Let u € M(R; L*(0,T;C)) with supp|u| compact and let k € N such that

[ (@)l v 0,00y < €

for |u|-almost all w € Q with a constant independent of w. Then Bu defined by (3.8)
satisfies
Bu € H*(0,T;R).

Proof. Formally exchanging differentiation and integration gives
0 (Bu)(t) = Re [ 0F(u/(w, ") dlul)
Q

We need to show that this equality holds and defines a function in L2(0,T;R). We
will make this rigorous using Fubini’s theorem [Lan93, Thm. 8.4, Thm. 8.7] and the

compactness of supp|ul.

Define v: Q — L?(0,T;C) by
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4.2 Optimality Conditions for the Measure Space Case

By the product rule we indeed have v(w) € L?(0,T;C) with

k
o) oy < maxd () 11=0,cc ok f I @)y < 1+

with a constant ¢ depending on k. The compactness of supp|u| then implies v €
L>®(Q, |ul; L2(0,T; C)). By the boundedness of u, we then have v € L2((, |u|; L?(0,T; C))
which also implies v € L'(Q, |u]; L}(0,T; C)). Fubini’s theorem applied to v gives us that
the map V': [0,7] — R given by

V() —Re/Qv(w,t)d]u\(w)

is well defined. Applying the theorem to v2, we see that

/OTV(t)th:/OT

T
< Nl sz o0z /0 0w, )% dJul (w) < oo

2
dt

/ v(w, ) djul (@)
Q

where we used the Cauchy—Schwarz inequality in L?(, |u|; C). This gives V' € L?(0,T;R).
It remains to check that 0f Bu = V. Let ¢: [0, T] — R be a compactly supported smooth

function. We need to show
T T
| Bomatma= v [ voewa
0 0

Using the definitions of B and V, and Fubini’s theorem for v and u’ € L*(Q, |u|; L?(0,T;C)) <
LY(Q, |ul; LY(0,T; C)), we obtain

T T
U k = Re W (w, t)etok u|(w
| oot at=re [ [ ww.neoto djulw) a
T
:Re/Q/O ' (w, 1)etaF (t) dt d|ul(w)
T
=0 Re [ [ ulw o dedul (@)
T
:(—1)kRe/0 /Qv(w,t)cb(t)d]u(w)dt
T
= (0t [ Ve
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4 Necessary Optimality Conditions

Thus 0F Bu =V € L?(0,T;R). This gives Bu € H*(0,T;R). O

Under stronger assumptions on initial data and the operators H; and O such that the
solutions ¥ and ¢ lie in the space C([0, T]; V)NH(0, T; V*), as discussed in Section 2.2.1,
one obtains (@, Hip)y € H'(0,T;R). We then obtain the regularity u/(w) € H3(0,T;C).
This regularity then also translates into additional regularity for Bu.

For Example 4, the operator B* is given by the integral representation (3.12). Ad-
ditional regularity depends on the kernel k. For the case of a Gaussian kernel, B*
corresponds to a convolution with a Gaussian. This results in the additional regularity
u'(w) € C*°(]0,T];C). An argument as the one above then implies Bu € C*°([0,T]; R).
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5 A Generalized Suzuki—Trotter Type
Method in Optimal Control

In this chapter a solver for the time-dependent quantum systems is analyzed in the
context of optimal quantum control. We first introduce the generalized Suzuki—Trotter
(GST) method and discuss structural properties of it. Then we derive explicit expressions
for derivatives of discrete expectation values in the direction of the discrete control field.
The content of this chapter is joint work with Manfred Liebmann [HL15].

The bottleneck for the numerical solution of the optimal quantum control problem
is the solutions of the time-dependent quantum system. The evaluation of the expec-
tation value in the cost functional, the associated gradient, and the evaluation of the
action of the Hessian require multiple solutions of the time-dependent quantum sys-
tem. Therefore, a fast solution method for time-dependent quantum systems is of major
importance. There are several methods for the solution of time-dependent quantum
systems, see [Lub08] for an overview. Most methods exploit that the time evolution
operator of a quantum system is essentially the exponential of the Hamiltonian of the
quantum system. The classical Suzuki—Trotter method approximates an exponential
operator with a product ansatz of computationally simple exponential operators [Suz91;
Suz90]. The GST method instead uses a product ansatz of lower order approximations
of the exponential operator for the construction of the higher order approximation of
the exponential operator [Lie00]. Thus computationally inexpensive linear approxima-
tions for the exponential operator can be used as building blocks for the generalized
Suzuki-Trotter method. The resulting explicit scheme then generates a polynomial ap-
proximation of the exponential operator. In practice only the action of the Hamiltonian
is required to construct an approximation for the time evolution operator. Therefore the

GST method is easily applicable to a wide variety of quantum systems.

5.1 Structural Properties of the GST Method

In this section structural properties of the GST method are discussed. The definition

and basic properties are presented as in [Lie00], with minor modifications. Then the
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5 A Generalized Suzuki—Trotter Type Method in Optimal Control

behavior with respect to differentiation is studied. We derived expressions for the first
and second order derivatives of the time stepping scheme with respect to the control.
These expressions fit naturally into the GST framework and thus can be computed effi-
ciently. This is important in the context of optimal control to give efficiently computable

representations for the gradient and Hessian of discrete expectation values.

5.1.1 Definition and Basic Properties

In this section we give an overview of the definition and basic properties of the generalized
Suzuki-Trotter (GST) method. The GST method was introduced in [Lie00] and is an
extension of the approximation scheme for the exponential operator presented in [Suz91;
Suz90]. The main idea of the method is to approximate the exponential operator in
a recursive scheme as a product of lower order approximations. With exception of
Lemma 21, the results presented in this section can be found in [Lie00]. There the
method is formulated in the context of a Banach algebra. We will restrict ourself to the
case of algebras of bounded linear operators on a Hilbert space. Throughout this section
¢ denotes such an algebra. We present the results in dependence of a discrete control
field, which will not be used until Section 5.1.2. The original proofs translate to our
setting without modification. We denote by £ a discrete space for the control fields.
The set of functions from the space X into the space Y is denoted by Y.

Definition 17. Let C € Qﬁcxgh,Eh € &z € C and m € N then the generalized
Suzuki-Trotter (GST) operator Q,,: ECxEM _, gCxe" ig recursively defined by

0,(C)(z, EM) = C(z, EM,
Qm(c)(Z7Eh) = Qm—l(c)(meaEh) ) Qm_l(C)(ﬁmz,Eh), m > 1,

where the coefficients p,,, € C satisfy the relations
Pm + Pm =1, pﬁJrﬁﬁ:O-

Here p,, denotes the complex conjugate of p,,. The equations for the coefficients p,,

in Definition 17 can be solved analytically by

1 1 }
= 4= tan(m/2m) .

bm = emim/m T2 9

The operator Q,, can also be defined on €€ and then extended pointwise to ¢C*¢€ " by
Qm(C) (2, EM) = Q,,(C(-,E™))(2). In practice we will not use the GST method with
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5.1 Structural Properties of the GST Method

z € C but only for t € R. However, for the theory it is sometimes useful to allow complex

time steps. The GST operator can be written as a product,

2777,71

O (C)(z, E") = [] Clowz, B, (5.1)

k=1

where «y, is an (m — 1)-fold product of the coefficients p; or p; with 1 < j < m. The
following result states the fundamental approximation property of the GST method
[Lie00, Satz 1.1].

Theorem 18. Let A € ¢5h, C e Q:(ngh’ E" € &" 2 € C and m € N. If the map
2+ C(z, EM) is analytic and

Oz, B") — exp(zA(E") = of2),
then the map z + Qn(C)(z, EM) is analytic and
0 (C) (2, E") — exp(zA(E) = o(=™).

A good choice for the first order approximation operator C' is obviously the linear
approximation

C(z, B") := I + zA(EM). (5.2)

For the linear approximation, we obtain an explicit error bound for the approximation
of the exponential, as well as a restriction on the norm of the argument for the polynomial

approximation [Lie00, Satz 1.5].

Proposition 19. Let A € C&", C € ¢©*€" and C(z,E") := I + 2A(E") a linear
approzimation and m € N. If s := 55| zA(E")|| < 1, then

(o] Sk
1Qm(C) (2, E™) — exp(zA(EM)|| < (exp <2m—1 > k) — 1) (1+s)™ L.

k=m+1

For specific operators A, this leads to a restriction of the step size t € R of the explicit
time stepping scheme as well as on the size of the control E*.

Since Q,, generates approximations of the exponential operator, it also approximately
satisfies the group property. For even m we obtain an enhanced approximation [Lie00,
Satz 1.4].
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5 A Generalized Suzuki—Trotter Type Method in Optimal Control

Lemma 20. Under the assumptions of Theorem 18 with m even, we have
Qi (C) (=2, E") - Qn(O) (2, E") — I = o(z™).

The next lemma states that the equivalence of taking the adjoint and reversing time

is preserved by the GST scheme.

Lemma 21. Let C € Qicxgh, E" € " and m € N. If C satisfies the symmetry condition
C(z, EM* = C(-z, EM) (5.3)

for all z € C, then
Qu(C)(2, B")* = Qun(C) (2, E").

Proof. The result follows by induction over m using Definition 17. 0

This result is important for the computation of the adjoint state. The adjoint action of
the time stepping scheme can be computed by using negative time steps. For the linear
approximation (5.2), the symmetry condition (5.3) for C' is equivalent to the condition
A(E")* = —A(E") for A. For our application we have A(E") = —iH(E") for some self-
adjoint H(E"), thus the condition is satisfied. For general approximations the condition
on C is stronger than the skew-adjointness of A. In general Q,,(C)(t, E") with t € R

will not be unitary. However, under the assumptions of Lemma 20 and 21, we obtain

Om(C)(t, EMY* - O (C)(t, E") — T = o(t™ 1) .

5.1.2 GST Method and Differentiation

In the context of optimal control, we need to differentiate the time stepping scheme
with respect to the control. A naive differentiation of the product in (5.1) leads to the

inefficient expression

am=1 k-1 am—1
Q,,(C)(z, EM(BE") = > (H C(alz,Eh)> C'(axz, EM(SE") | [] C(euz, EM)
k=1 =1 I=k+1

with complexity O(22™~2). Exploiting the multiplicative structure of the algorithm,
we will follow a different approach that will give the same complexity O(2™~!) as the
original product. The approach can be understood as a modification of the result from

[NH95], where it is shown that for an analytic function F' and square matrices C' and
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5.1 Structural Properties of the GST Method

A(C 0\ _[ F@© 0
sc¢ ¢) \F(c)sc) FC))

That is, the directional derivative of ' can be obtained by applying the function to

6C, we have

a matrix with special structure. For general directional derivatives with respect to a

parameter, this matrix gets more complicated. We introduce the notation
Dipn(C)(z, E") = C¥) (2, B")(SE™)*
for the directional derivative of order s in direction E", the space
r _ Cx&h s h : h h
sen (@) ={Cec | 2= D5 pn(C) (2, E") analytic for each 0 < s <7, E" € £"}

of differentiable functions, and the nilpotent (r+1) x (r+1)-matrix N, given by Ny 541 =

1, s=1,...,r, and zero otherwise.

Definition 22. The operator p") . or

son s Chpn(€) = CF, (€271 is defined by

r - 1 S s
Dn(C) =3 SN°® Dy C.
s=0 "

This operator generates a matrix of derivatives in the direction 6 E” up to order r. It
can also formally be understood as p") (C) =exp(N ® Dspn)(I @ C). More explicitly,

SEh
we have
D (O)(z E") =
C(z, EM) 0 e
11D} C(z, EMY C(z, E") 0 .
51D, C(z, EM) 4D}, C(2, E")(0E") C(2,E") 0
: : . 0

4Dr o C(z, EMY ﬁDg’E}LC(z, EM) s oo C(2,EM
Alternatively, the operator Dégh could also be defined on differentiable functions in ¢€"
first and then extended pointwise to Cf ., (€) by D((Sgh(C)(z, EM = Dggh(C(z, N(EM).

Note that C®™+! can be considered as a space of bounded linear operators. We obtain

(r)

the following crucial property for D; .
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5 A Generalized Suzuki—Trotter Type Method in Optimal Control

Lemma 23. For A, B € C§.,(9),

D), (A-B) =D\, (4) D)

SER (B)

Proof. Using the general Leibniz rule, we obtain

(7) _N R R, l
Diw(A-B)=>" > N @ 1y Dsn A+ Dion B.
s=0 k+l=s o

On the other hand

' T
1
D). (A)- D), (B) = N*H & o D A - Dy B.
k=0 =0 o
Since N+ =0 for k + 1 > r, the two double sums on the right coincide. O

r)
Eho

which is of course not true for the directional derivative itself. The multiplicativity

This result can be interpreted as multiplicativity of the differential operator D((;

implies the following commutativity relation of differentiation and the GST scheme.
Theorem 24. Let §E" € " and r,m € N. Then

QO © Dyign = Dy © O
on gEh((’:).

Proof. We prove the result by induction over m. For m = 1 we have Q;(C) = C for

all C € Cfp,(€) and the claim holds. Let the result be true for m — 1. We will use

the preceding lemma and the multiplicative structure of Q,,. Let z € C, E" € £" and

C € Cspn

definition of Q,, again, we obtain

(€). Using the definition of Q,,, Lemma 23, the induction hypothesis, and the

D), (Qun(C)) (2, B") = D Qe a(€)(pm2, ) - Q1 (C) Bz, ) ) (B)
= D (Qnot(C)pm=: ) (B") - D ( Qo1 (O)Fmz: ) (")
= Qun (DI (C)) (mz. FE") - Qun( DI (C)) (B2, 6E")

Since z, E" and C were arbitrary, we get Dggh 09, =90 D§2h~ O
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5.1 Structural Properties of the GST Method

The theorem says that we can obtain a matrix of derivatives of the higher order time
stepping operators by applying the GST operator to a matrix of derivatives of the first

order time stepping operator. In the case r = 1, we get

0 C(EM) 0\ [ Qu@)(EM 0
"\C'(EMSE") C(E"))  \Qm(C)(E"(SE") Qm(C)(EM))

Second derivatives can be obtained in two ways. For derivatives in the same direction,

one can use Theorem 24 for » = 2. This yields

C(EM) 0 0
Qn | C/(EME") C(E") 0
Lc"(EM)(SE", SEM)  C'/(EM(SEM) C(E)
O (C)(E) 0 0
_ 0 (C) (EM) (S E™) Qi (C)(EM) 0

3Qm(C)"(EMGE" SE")  Qun(CY(E")(SE")  Qu(C)(E")
For second derivatives in different directions, one can use

Q0D oD, =D oD, 0 g, (5.4)

which follows immediately from Theorem 24. We obtain

C(EM 0 0 0
o C'(EM)(6EM) C(EM) 0 0
"1 c(EMGFEM 0 C(EM) 0
C"(EM(SEM TEM) C/(EM)(rEM C'(EM(SE") C(EM)
Q. (C)(EM) 0 0 0
_ Qum(C) (EM)(6EM) Qm(C)(E") 0 0
| an@)(EMEY 0 Q. (C)(E") 0
Qun(C)(EMGE", 7E")  Qm(C) (E")(TE") Qum(C) (E")(SE")  Qm(C)(EM)

Using this approach we do not compute the derivatives themselves, but always actions

of a lower triangular operator matrix as in

( Q. (C)(EM) 0 )(h)
Qun(C)(EM(SE™)  Qu(C)(un)) \y")
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5 A Generalized Suzuki—Trotter Type Method in Optimal Control

Often the whole expression is needed, as we will see in Lemma 27. The derivative
Q. (C) (EM(SEM)z" together with Q,,(C)(E™)y" can be obtained by computing the
right-hand side of

Qu(C)(EMz" [T 0 Qm(C)(EM) 0 2l
O (CY(EM)(SEMy" ) \~1 1) \Qu(CY(E")(SE") Qum(C)(up)) \y")’

see Algorithm 5 and 6 for specific implementations.

5.2 Computing the Derivative of Expectation Values

In this section the derivatives of discrete expectation values with respect to the discrete
control field are studied. First we give a short overview of how the state is discretized.
This is then used to formulate a discrete analogue of the expectation value in the continu-
ous cost functional. We present expressions for the derivative of the discrete expectation
value similar to the results for the continuous expectation values in Section (4.1.1).

When solving optimal control problems, one has to distinguish two approaches. One
possibility is a first-optimize-then-discretize (OTD) approach where we discretize the
continuous functional as well as the continuous equations for the derivatives. Another
possibility is a first-discretize-then-optimize (DTO) approach where we first write down
a discrete version of the cost functional and then the correct discrete derivatives for this
function. From the continuous case, we know that second derivatives of the expectation
value result in solutions of inhomogeneous quantum systems. This poses a problem for
some solution methods since inhomogeneous quantum systems might not be supported.
We shall outline a simple approach to tackle this problem for the GST method in a DTO
approach.

5.2.1 Discretization of the State Equation

In order to obtain a discrete optimization problem, we need to approximate the expec-
tation value f by a discrete version f". The main ingredient will be the approximation
of the state 1) by a discrete state 1". We will just sketch how to obtain such a discrete
state in the case of a time-dependent problem with possibly unbounded operators. We
proceed in three steps.

First, we approximate the action of the evolution operator of the state equation (2.1)
by a product of exponential functions. We introduce a time grid (tn)évzo and the space E"

of linear finite elements on this grid. We approximate &(t+t,_1,t,_1) by exp(tA,(E")).
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5.2 Computing the Derivative of Expectation Values

Here A, is obtained by a Magnus expansion for the time-dependent Hamiltonian, see
[Bla+09] for an overview the Magnus expansion.

As a second step, we approximate the exponential of the possibly unbounded operator
A,, by an exponential of a bounded operator. This corresponds to substituting (2.1) by
a semi-discrete equation. To this end we approximate the Hilbert space H by a discrete
space H". We define discrete versions H(’}, H lh € B(H") of the operators Hy and H to give
a discrete version A” of A,,. We also approximate the initial state ¢ by w(}} € H". If the
quantum system was already discrete, the discretization of it can of course be skipped.
The exponential exp(tA,(E")) is then approximated by exp(tA”(E")). Examples for the
discretization of the state include approximation with finite differences or finite elements,
as well as spectral representations.

The third step consists in approximating the exponential with the GST method. That
is exp(tA"(E")) =~ Q,,(Cy)(t, E™) for some first order approximation C,, of exp(tA,(E")),
which is sufficiently smooth.

The discrete state 1" is then given by the explicit formula
n
Yl = (B = H L(EMh, n=1,...,N, (5.5)

where

QP(Eh) = Qi (Cp)(tp — tp—l,Eh) (5.6)

is the discrete time stepping operator. Here and in the following, we use the convention
Hf: j Qi = Qi -+ - Qj, that is, the order in product expressions is reversed.

In the approximation of 1) by 1", each of the three steps introduces some error. We
will not give an error analysis here. The first step needs results on the convergence of
the Magnus expansion, compare [HLO3]. For the second step, one would need to use a
suitable version of the Kato-Trotter theorem, compare [IK98]. A justification for the

third step is given in Section 5.1.1.

5.2.2 Derivative of the Discrete Expectation Value

In addition to the discrete state, we also need a discrete version O" € B(H") of the

observable O to define the discrete expectation value. We then set
1
FHE") = S{wk, 0"y

where 1/)]}{, is the discrete state for the control field E* according to (5.5).
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5 A Generalized Suzuki—Trotter Type Method in Optimal Control

Following an OTD approach, we could discretize equations (2.1), (4.2), (4.5), and (4.6)
to compute approximations of the derivatives of f according to the continuous equations
(4.9) and (4.10). For the adjoint equation (4.2), we obtain

*

N
oh=oh(E" = [] @E" ]| O"yEY, j=1,...,N. (5.7)
i=j+1

But it is not obvious how the inhomogeneous equations (4.5) and (4.6) can be discretized.
Another problem with a naive OTD approach is that the gradient will not be consistent
and in addition the approximated Hessian will in general not be symmetric. Following
a DTO approach, we have to derive expressions for the derivatives of f*. This typically
requires more work in setting up the equations, but it is a constructive approach in the
sense that we know how to correctly discretize (4.5) and (4.6). We will see that the
correct discretization of the scalar products in (4.11) leads to additional computations.

In Section 5.2.2 we will numerically compare the results of the two approaches.

We give representations of the derivatives of f*. We denote by wh’ and goh’ the
derivatives of w? and (p?, respectively, for the control field E* and in the direction 6 E".

The discrete version of Proposition 9 then reads as follows.

Lemma 25. Let E" §E" 7E" € ", The first and second derivatives of f* are given
by

N
FYEMGE") = (QL(EME") o 1) g (5.8)
n=1
and
N
fh//(Eh) 5Eh TEh Z Eh )*szlﬂ/}n 1>
= +<Q’n(Eh)( MYl ) (5.9)

+<QZ(Eh)(6Eh7 TEh) Sonv wn 1>

Proof. By the product rule applied to (5.5), we obtain

N N n—1
N=> 1] QE"Q.E"GE") [T Qp(E")g.

n=1p=n-+1 p=1
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5.2 Computing the Derivative of Expectation Values
Therefore, using (5.5) and (5.7),

FEM)(SE™) = (0", i yan
N * n—1
QL EMEEM | [T @uEM) | O™k, [T Qu(E")%E)2n

p=n-+1 p=1

I
Mz

S
Il
—

(Qn(EM)(SE™) ot _1)agn

I
hE

S
I
—

Differentiating this expression again and using the symmetry of the derivative in §E"

and 7E" concludes the proof. ]

Let us compare the results of the preceding proposition to the approximation of deriva-
tives in an OTD approach. For this bilinear problem the important difference between
DTO and OTD is the discretization of the product ( *p,1). Naive discretization of

(4.9) might result in an expression of the form

N

Z(tn - tn—1><ﬁh*@027 ¢Z>H’1-

n=1

This means that Q. in the DTO approach corresponds to (¢, —tn_l)Q;ﬁh* in the OTD
approach. The same effect can be observed for discretization of the second derivatives
using (4.10). Additionally, we obtain in the discrete case another term involving Q"*,
which has no counterpart in the continuous case.

For a fixed basis (h;) of " we can derive expressions for the coordinates of the
gradient and Hessian-vector product. The coordinates Z of an element E" € " are
determined by the equation E" = > i Zihy. Let the mass matrix M of £ h with respect
to the basis (hy) be given by My, = (hy, hi)gn. Then the coordinates of the gradient
and Hessian-vector product can be obtained from the directional derivatives by solving

a linear system of equations.

Corollary 26. Let E" 6E" € £", and let Z be the coordinates of ¥V f*(E"). Then Z

solves

MZ =X
with
N
X = S (QLEM) () el 6l )
n=1
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5 A Generalized Suzuki—Trotter Type Method in Optimal Control

Let Z be the coordinates of V2 f*(E") - 6E". Then Z solves

MZ=Y
with
N
Y=Y (Qu(E")(h) el 1)
" QLB (i)l g
+<QZ(Eh)(5Eh7hk)*¢27¢2—1>Hh
Proof. Test (5.8) with 6E" = hy, and (5.9) with 7E" = hy. O

The main cost in computing gradients or Hessian actions of f" is in assembling X
and Y. This splits into the computation of discrete solutions of PDEs and the action
of the operators Q;- and Q;-’ . For the computation of the derivatives of Q),,, we can use
Theorem 24. The following lemma addresses the iterative computation of the states

and their derivatives.

Lemma 27. Let E" 6E" € £". Then o', v, ol IV satisfy the forward and backward

TECUTSIONS
<w8> _ <w8> (w:;) _ ( Qn(E") 0 ) <w2_1>
W 0)’ o Qn(EM)(6E™) Qn(E™) ) \¥i’4

and, respectively,
90%[ _ Oh%’@ on _ Qui1(EM)* 0 ‘PZ+1
@}jl\; Ohd)% 902/ /n+1(Eh)(5Eh)* Qn+l(Eh)* ‘PZ/-H
Proof. The definitions of ¥"(E") and ¢! (E") imply

Yh(E") = Qu(E"Yh_(E")

and
Oh(E") = Qnia (E") ol 1 (EM).

Differentiation of the equations in the direction 6E" yields

U (EM)(OE") = QL (EM)(OE" )Y (E") + Qu(EM)gn_ 1 (E")(6E")
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and
Ol (EMYGE") = Q1,1 (BM)(SEM) @l 1 (E") + Quia (B")* @1 (BM) (S E).

Additionally we have the initial and terminal conditions ¢}'(E") = 0, ¢%(E") =
Oy (E™) and ot (E")(GE") = OMpR(E™)(SE™). Writing those equations in matrix

and vector form completes the proof. O

To set up the vectors X and Y for the computations of the derivatives of f", the
whole time history of ¢ and ¢" is needed. Saving the states for all time steps poses a
restriction on the size of the problem. To reduce the memory requirements, we use a trick
already used in the beginning of quantum control. We will not save the whole history
of quantum states (1), and (¢!), and their derivatives computed in a forward and
backward iteration, and thereafter set up the vectors X and Y to compute the gradient
and Hessian actions. Instead, we will save only the current iterates and assemble X
and Y on the fly during the backwards iteration. This method introduces an additional
backwards solve of the forward equation for the state and its derivative and an additional
error due to the non-unitarity of the time stepping scheme. The following lemma tells
us that we can indeed compute solutions of the (inhomogeneous) forward equations for

Y (and ") backwards in time with a reasonable error.

Lemma 28. Let E" 6E" € £, and let C,, satisfy the symmetry condition (5.3) and the

additional approrimation property
Djpon (Cn(z, EM - exp(zAn(Eh))) =o(z) .

Then P and Y1 satisfy the backward recursion

n Qnea (B*)* 0 Ui m+1
N IN )
<2’> ( (BB QnH(Eh)*) (zﬁﬁ’ﬂ s

where At,, =ty — tn—1 and m is the order of approzimation as in (5.6).

Proof. We will use the result for the forward recursion from Lemma 27 and combine
it with the approximate group property in Lemma 20 and the relation between taking

adjoints and inverting time from Lemma 21. We have
¢2+1 _ Qn+1 0 1112
zg-l Q;H-l Qn—i—l 7}{/
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Therefore we get

(QZH 0 ) (7/’Z+1> _ (QZH 0 ) (Qn+1 0 ) (?/)Z) (5.10)
;;k—i—l QZ-H %ﬁl ;f+1 QZ-H ;H-l Qn—H QM;I

Under the additional assumption on A1 and Cj,41, we have

Crs1(Atpy1, EM) 0
rlz+1 (Atn-i-lv Eh)(éEh) Cn-i-l(Atn—I—la Eh)
Any1(EM) 0
=1+ At, + o(Aty41).
" (A;H(Eh)(aEh) Ay () T OB
This implies
Cry1(Atyi1, EM) 0 B
! (Db, EGEY)  Cor (A, B

An+1 (Eh) 0 o
o (At”“ (A;+1<Eh><aEh> AnH(Eh))) — o)

Thus, we can use Lemma 21 and 20 for even m to obtain

< ne1 0 )(QnJrl 0 )
/TTJrl :;4»1 Q;wrl Qn-‘rl

- [Qm <C7+1 0 > (_Atn-‘rlaEh)

n+1 Cn+1 Cn+1

Cy 0
A < s ) (Atpsr, ")
n+1

= I+ o(AEHY).

Plugging this into (5.10) concludes the proof. O

The additional approximation property in the preceding lemma is satisfied for the

linear approximation since there we have

D;Eh (Cn(z, Eh) — exp(zAn(Eh))) = zA;L(Eh)(éEh) — eXp(zAn(Eh))zA;(Eh)@Eh)
=o0(z2) .

In fact it is satisfied for all polynomial approximations. It might be that the additional
assumption already is implied by the assumption C' € Cf ., (€).

We will refer to the approaches that save the whole history as exact and memory
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5.2 Computing the Derivative of Expectation Values

inefficient DTO. Approaches based on Lemma 28 will be referred to as memory efficient.
If we do not specify the approach, we always mean the memory efficient version.
The scheme for computations of gradients and Hessian actions of f” are given by

Algorithm 1 and 2. The subroutines for the assembly of the right-hand side are in

Data: E"

Result: v
P — g
X « 0
forn=1,...,N do

| " = Qu(EM)uh
end

ot o Ohyh,
forn=N,...,1do

‘ Y, o", X « assemble_rhs_gradient(E", n; 9", o, X);
end

solve for Z: MZ = X;

h K .
=D i Zihag

Algorithm 1: Compute the gradient of f*

their most general form given by Algorithm 3 and 4. In every step they modify the
vectors X and Y, respectively, and evolve the states.

Different discretizations of the control field give rise to different assemble_rhs_gradient
and assemble_rhs_hessian routines. For piecewise linear controls and a Magnus expansion
of order two using the midpoint rule, we obtain Algorithm 5 and 6. There the loop over
k reduces to a common update of just two entries of X and Y, respectively. Notice how
these algorithms compute the derivatives of the time stepping via Theorem 24 and reuse
results from the action of the large operator matrices. The second derivatives for the
Hessian action are computed using equation (5.4). The updates of X and Y in a ODT
approach are given in Algorithm 7 and 8. In contrast to the DTO approach, for the
OTD approach the updates are computed in the same way as the continuous derivatives
in Section 4.1.1.

Comparing the computational complexity of assemble_rhs_gradient for the DTO and
OTD approach, we see that the DTO approach has roughly 1.5 times the cost of the
OTD approach. We need an application of a 2 x 2 time stepping matrix instead of just
an application of the ordinary time stepping operator. For assemble_rhs_hessian the cost
increases roughly by a factor 2. Here we need an additional application of the 4 x 4 time

stepping matrix.
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Data: E", 6E"
Re%ult: wh "

(4 (G
(whl < OO )
Y «0;
forn=1,...,N do

(ﬁ) - (Qfgéﬁzgh> Qn?um) (ZZ):)

end

h B )yh
@ O
<¢h1> A <Oh¢h/>;
forn=N,...,1do
‘ P M ol oMY < assemble_rhs_hessian(E", SE", n; ", M, o, oV Y);
end

solve for Z: MZ =Y,
wh <— Zszl Zkhk;

Algorithm 2: Apply the Hessian of f* to a vector §E"

Data: E" n, ", o" X

Result: ", o' X

¢h — Qn(Eh)*i/)h;

for k=1,...,K do

| Xk X+ (Qr(B") (hi) o, ") 3y
end

¢ Qu(EM* o

Algorithm 3: assemble_rhs_gradient for DTO and general controls

Data: E", n, ", " o o Y
Result: " ", ot oMY
<wh> . ( Qn(EM)* 0 ) (wh>,
¢h/ Q;L(Eh)((SEh)* Qn(uh)* wh/ )
for k=1,...,K do
Vi ¢ Yio + (Q(E") (i) @™ 0™ yagn + (Q (B (i) @™ 4™ Yy
+ (Qu(EM (BB hy) ", ") gn

end

(5:/> . <Q;?En’gig)bjh)* Qn&h)*) <§:’>;

Algorithm 4: assemble_rhs_hessian for DTO and general controls
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Data: E", n, ¢ o' X
Result: ¢ o X
wh — Qn(Eh)*lﬁh;

X" o

(iﬁ) < (Q%E%;?f)z) Qn<0Eh>*> <§:>;

X't =l

0X «+ <Xh7wh>'Hh;
Xy 4 Xn +6X;
Xno1 — Xpn1 +0X;

Algorithm 5: assemble_rhs_gradient for DTO piecewise linear controls

Data: E", 6E" n, ", ", o oM Y
Result: ¢ " ot oMY

(ff:) (e auimy) ()
oo
Y
() = (oliiny auen) ()

X5 b — s

D ¢

;<’f<—soh;

é,

Ik

X4

Qn(Eh)* 0 0 0 (ph

Q. (EM)(0EM)* Qn(E")* 0 0 o
Qn(E™) (hn)* 0 Qn(EM)* 0 Xt |
Qu(EM(OE", hp)* Qu(E™)(hn)* Qu(E™(SEM* Qu(u)*) \ X4

X X — o
X3 xh — o =8
5Y < <Xlll7wh/>7-th + <X}2La ¢h>’Hh + <X§L7 ¢h>’Hh;

Y, < Y, +46Y;
Y, 1+ Y, 1+0Y;

Algorithm 6: assemble_rhs_hessian for DTO and piecewise linear controls
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error
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Data: E", n, ", o" X
Result: ¢, o,

OX = (H™ " ") yn;
X, X, +6X;

P = Qu(EM) "

(Ph < Qn(Eh)*(Ph§

Algorithm 7: assemble_rhs_gradient for OTD and piecewise linear controls

Data: E", 6E", n, ", oM, o" oM Y
Result:f/)h, M ot oM, Y

§Y «— <Hh*(ph,wh’>;.[h + (Hh*c,oh/,lbh>7_[h;
Y, < Y, +46Y;

() (o o) ()
(5’“) . <Q;?E”’S><agh>* Qn((f)?h)*> <f§h’);

Algorithm 8: assemble_rhs_hessian for OTD and piecewise linear controls

X — DTO
10 -- ot
Exact

error
=
o

Figure 5.1: The difference between finite differences and the memory efficient

80

DTO (solid), the memory efficient OTD (dashed) and the exact memory
inefficient DTO (dotted) representations of the gradient (left) and Hessian
action (right).



5.2 Computing the Derivative of Expectation Values

Let us compare the consistency of the derivatives generated by the memory efficient
DTO approach with the derivatives generated by the OTD approach and the memory
inefficient DTO. That means we study how well the approximations of the derivatives
match the actual derivatives of the discrete expectation value f*. To this end we compare
the representations obtained through the calculus in this section to finite difference
approximations of the derivatives with varying step size h. In Figure 5.1 we plotted
the absolute value of the difference divided by h against h. Comparing finite differences
to a good approximation of the derivatives results in a V shape. The right-hand side
of the V corresponds to the convergence of the finite differences with decreasing h and
the left-hand side results from numerical cancellations for very small A. The gradient
and Hessian computed by the exact but memory inefficient DTO approach show this
behavior since they are the exact derivatives up to rounding errors. We see that the
memory efficient DTO approach leads to an approximation comparable to the exact
DTO approach and is much better than the OTD approach. A better approximation
of the derivatives can lead to more robustness of the optimization method. With the
OTD gradient, we often got stuck at suboptimal controls, because the computed gradient
direction did not lead to a decrease of the functional. This justifies using the memory
efficient DTO implementation in the context of the GST method.

5.2.3 Discrete Optimization Problem in the Hilbert Space Case

As in the continuous case, it is easy to discuss the discrete optimization problem in the

Hilbert space case. The discrete reduced cost functional is given by
i (E") = fH(E") + S B2

The discrete version of (3.2) in reduced form then reads
Minimize iy, (E"), E" e &h.

Using the results on the derivatives of f”, we immediately obtain the following result

for the derivatives of jﬁbﬂb.

Corollary 29. Let E",6E" € E", and let Z be the coordinates of Vj;;ﬂb(Eh) — aEM.
Then Z solves
MZ=X (5.11)
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with
N

n=1

Let Z be the coordinates of V2, (EM)(SE") — aSE". Then Z solves
MZ=Y

with N
Yi=> (QuEM B er n 1)
" QB (hi) O
HQ(EM) OB hi) @l 1) g

(5.12)

For different spaces £, we have different mass matrices M. This affects the gradient

and Hessian-vector product for j{fﬂb in a similar way as the choice of £ on gradient and

Hessian in the continuous case in Section 4.1.2. In the case of £ being a finite element

space with the L? scalar product, M is the standard mass matrix for finite elements.

Then equation (5.11) and (5.12) are discrete versions of the continuous equations (4.12)

and (4.15). In the case of linear finite elements equipped with the H} norm, the matrix

M is the stiffness matrix for the Poisson equation with homogeneous Dirichlet boundary

conditions. Then equations (5.11) and (5.12) are discrete analogs of the continuous

equations (4.14) and (4.17).
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In this chapter we will formulate the discrete optimization problem and discuss how it
can be solved. To obtain an optimal control problem that can be solved numerically, we
first discretize the control space and control operator. The resulting discrete problem
is then regularized. This regularized discrete problem will be used for the numerical

experiments in the following chapter.

6.1 The Discrete Optimization Problem in the Measure Space

Case

The goal of this section is to give a precise formulation of the discrete optimal control
problem that we will solve in the following chapter. We proceed in two steps. First we
discretize the measure space and the control operator to write down a discrete version
of (3.3). Then we will Huber-regularize the resulting problem to make standard methods

for smooth optimization applicable for its solution.

6.1.1 Discretization of the Measure Space

In this section we discretize the measure space M(§2;U) to obtain a finite dimensional
space M". We then give a discrete version B": M" — £" of the control operator B.
The discretized measure space M" is given by a measure space on a finite sparsity

domain Q" and with values in a finite dimensional function space U",
MM = M@ u™).

The choice of Q" and U" of course depends on their continuous counterparts Q and .
If Q and U are already discrete, then it might be possible to choose Q" = Q and U = U.

For continuous sparsity domains €2 we will just use a uniform and finite grid of points
Q" € Q. The restriction to finite and therefore bounded Q" is partly justified by Corol-
lary 14. We use uniform grids for simplicity. Since optimal controls ideally have very

localized frequency supports, adaptive grids might significantly reduce the number of
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degrees of freedom in the discretization. Since we choose €2 to be finite, we are in the
setting of discrete sparsity domains explained in Section 4.2.2.

If U is a function space like HZ(0,7;C) or L?(0,T;C) we will use linear finite element
spaces for U". There we will use the same time discretization as for the space &£".
The main difference between U" and £ is that the former contains complex-valued
finite element functions, the latter only real-valued ones. Since U" contains the discrete
envelopes for the different frequencies, which should vary slowly in time, we could also
choose a much coarser time discretization for 4" than for £". Since finite element
spaces form finite dimensional Hilbert spaces, we remain in the theoretical setting of
Section 4.2.2. In fact, most of the results in the current Section 6.1.1 can be generalized

to the setting of discrete sparsity domains.

We will always choose conforming discretization, that is M" fulfills the relation
MM M(Q;U).
We will not discuss in which sense the discrete space M”" approximates the continuous
space M(;U).
We will identify measures u” € U" with the collection (u”) in U" where

w
u= Z uls,,.

weNh

The natural norm on M" is given by
h h
[ | pgn =Dl g (6.1)

But since M" is finite dimensional we can equip M" with a Hilbert space structure,

(1,0) = 3 (e, v, (6.2)
w

which gives rise to an equivalent norm. With respect to this structure we will be able

to talk about gradients and Hessians, and can apply standard optimization methods.
To formulate a fully discrete version of the optimal control problem 3.3, we also need
to give a discrete control operator B". Since we use conforming discretizations we can
define the restriction B [ : MP — €. But this restriction does often not map to
EM. For this we would need the additional property B(M") c £". Even for matching

discretizations of U and £ this will not be satisfied for the control operators defined in
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6.1 The Discrete Optimization Problem in the Measure Space Case

the examples in Chapter 3. Therefore, an additional discretizatoin step is needed. We

will use discrete control operators B": M" — £ of the form

B! =Re> ALK"ul. (6.3)

Here K": U" — U" is a suitable discrete version of K in Example 4, or can also just
be the identity. The map A, : U" — E" @ iE" is a discrete version of the multiplication
with the function e in Examples 3, 4 and 6 or a modulated version of this function in
Example 7. The real part then acts as a map Re: " @ i&h — &P,

Using the discrete measure space and the discrete control operator, and together with
the discrete expectation value defined in the preceding chapter, we can define a discrete

optimal control problem. For the discrete reduced cost functional
Fu) = B+ alu|
we obtain the optimization problem
Minimize j"(u"), u" e M. (6.4)

This is a nonsmooth and nonconvex optimization problem, as the original problem (3.3).

We will not solve this problem directly, but instead regularize it to make it smooth.

6.1.2 The Regularized Discrete Optimization Problem

For the numerical experiments we will not solve the discrete problem (6.4) directly.
Instead of applying a method adapted to the non-smoothness of the problem, we Huber-
regularize the discrete problem and make it smooth. This means that in the discrete

cost functional we replace the norm of " in (6.1) by the function H?: 4" — R given by

0 .
HO(2) = [2llen = 3, i [|2[len > 0,

sollllom, i |2l <0,

for some regularization parameter § > 0. The function H? has the following two impor-
tant properties: it is differentiable, and the derivatives of H? and the norm of U have
the same behavior away from zero. The first property makes the optimization problem
differentiable. The second property preserves the possibility of strongly peaked solu-

tions. The smoothness, however, will come at the cost of relaxing the support property.
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Other smooth functions with the two properties can also be used.

We define the regularized reduced cost functional
F"h) = B + Yy HO(ul)
w
and the corresponding regularized optimal control problem
Minimize ;" (u"), u" e M". (6.5)

Since j" is differentiable we can easily derive expressions for its gradient. The gradient
is given with respect to the Hilbert space structure generated by the scalar product (6.2).

This product is also used to construct B"*.

Lemma 30. Let u® € M" and 6 > 0. The gradient of j*° is given by

Vi (W) = BV (B + ) VH (ul),

where
i < [T Tl >0,
5 ifllzllm < 0.
Proof. The only thing that needs to be checked is the differentiability of H? on the
sphere { z € U" | ||z||;» = 1} = 6. This is a routine calculation. O

We can also formally derive an expression for the second derivative. It can be made

rigorous in the context of semismooth derivatives [Ulb11]. We then have
V2" () - sut = B(VA (B ) - sul) + o) VPH (ul) - sul,

where
5z {(z02)nz
VZHQ(Z) . 52 — ”ZHuh “'ZHZ}L ’

%, if ||zl < 6.

if |[2lgn >0,

These expressions for the first and second derivative will be used to set up optimization
routines.

We will not go into detail on the choice of the regularization parameter ¢ and on the
limit & — 0. In our numerical examples 8 is chosen at least two orders of magnitude
smaller than max,,||uy |z In Section 7.1 we will numerically observe the effect of the

regularization on optimal controls.
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6.2 Optimization Methods

Let us discuss optimization methods to solve the optimal quantum control problem (6.5).
Since we regularized the problem, we can apply methods for smooth optimization. Since
the problem is nonconvex we need to use a globalized method and might also need a

reasonable initial guess.

For the computation of solutions to the regularized problem (6.5) in the next chapter
we will user a limited memory Broyden-Fletcher-Goldfarb-Shanno (L-BFGS) method
with a strong Wolfe line search [NWO06]. This method is based on the computations of
gradients of 7" and uses the history of controls and gradients to generate an approxima-
tion of the Hessian. To compute the gradient of j* we use Lemma 30 and Corollary 26.
The stopping criterion is a relative decrease of norm of the gradient by 1076, For small
a, the initial guess uf for the control uses a fixed element %} in U" for all w € Q" with
a phase 6, randomly chosen from a uniform distribution on [0, 27|, u&w = el For
larger o, where such a generic initial guess leads to convergence of the method to sub-
optimal critical points near the origin, we use optimal solutions for smaller « as initial

guess.

In numerical experiments we compared the performance of different optimization
methods. A similar comparison for the Hilbert space case is given in [HL15]. Since
using the calculus for the GST method from Chapter 5 makes second derivatives of
jh easily accessible, we are able to formally apply second order methods based on the
Hessian. Since we solve problems with a large number of degrees of freedom, in the
experiments in the next section up to 409200, it is not feasible to save the whole history
of controls and gradients as in the original BFGS method. We compared the L-BFGS
method a Barzilai-Borwein (BB) method with a non-monotone line search [Ray97] and
a trust region Newton (TRN) method [NWO06]. Plots of the convergence history are
given in Figure 6.1. The L-BFGS is the fastest of the methods, with respect to the
number of steps as well as the needed computational time. It is interesting that it out-
performs the TRN method. This might have several reasons. First, the functional we
use is not actually two times differentiable. The discontinuity in the second derivative
might cause troubles. A second reason might be the nonlinearity of the problem. For
most of the time the TRN method is not close to an optimum, where fast convergence
can be expected. Another reason might be that the Hessian generated using the GST
method in its memory efficient implementation is in general not symmetric. The trust
region globalization we used for the Newton method uses a Steihaug conjugate gradient
(CG) method for the solution of the trust region subproblems [NW06, Alg. 7.2]. This
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Figure 6.1: Convergence history for different optimization methods of the gradient
norm (top) and the difference of the cost functional to the minimal com-
puted value (bottom), plotted against the number of steps (left) and the

computational time (right).

88



6.2 Optimization Methods

CG method relies on the symmetry of the Hessian. The only preconditioning we use for
the CG method is the implicit preconditioning through the scalar product of M”. The
BB method performs much worse than the L-BFGS method. We also do not observe
its possible upside of being more robust with respect to ending up in undesirable local
optima. For the numerical examples in the next chapter we therefore chose to use the
L-BFGS method.

An interesting alternative for the solution of the control problem would be to not
regularize it but tackle (6.4) directly. One way to do this is to use a fixed point iteration
for the optimality system as described in Section 4.2.2. The optimality system could
also be solved using a Newton type method, see [GLOS] in the not vector-valued case.
An alternative way to regularize the problem is to add an L?(Q;2) Tikhonov term to
the cost functional. This leads to problems of the form as in [HSW12; Piel5).

As a reference for our new control approach, we also compute solutions for the Hilbert
space case. There we use a TRN method, which performs considerably better in that
setting [HL15]. The optimal quantum control problem in the Hilbert space case is
typically solved using a gradient based method [PDR&8; Hoh+07; KHK10]. Second
order methods like Newtons method are less frequently used [WBV10; Hin+13].
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7 Applications

In this chapter, we will apply the framework for time-frequency control in two examples.
We consider a finite dimensional system with three levels and a system of two coupled
one-dimensional Schrodinger equations. In the first examples, we will give a detailed
analysis of optimal controls with respect to optimality conditions and structure of the
field. In the more challenging second example, we will compare optimal controls for

different realizations of our general control framework.

7.1 Three Level System

As our first example, we look at a finite dimensional quantum system. Here, we choose
a problem with three levels to obtain the simplest model where more than one transition

frequency is needed. For this example, we use the matrices

-2 0 0 01
Hy = 0 -1 0|, H=]001
0o 0 2 110

as drift and coupling Hamiltonians, respectively, on the Hilbert space H = C3. The
control objective is to reach the second eigenstate starting from the first eigenstate. The

initial condition ¢y and observable O are given by

1 1 0 0
wo_ 0 ’ 0= 0 0 0
0 0 01

The first and second levels are not directly coupled and so the population transfer must
happen trough level three. The expected transition frequencies corresponding to the
differences in the eigenvalues are w; = 4 for the transition between levels one and three,
and wy = 3 for the transition between levels three and two. We chose a time horizon of
T =100 to allow for sufficiently many oscillations with the transition frequencies.

For the control space we choose 2 = [2,5] and U = H}(0,T;C). That means we look
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control problem e ik i

measure space case 1071 2.8818 %1079  7.8098 % 10797
Hilbert space case 1074 7.4283 % 1079  1.9942 %« 1011

Table 7.1: Comparison of the cost functional and expectation value for the measure space
case in M(£; H}(0,T;C)) and the Hilbert space case L?(0,T).

for controls u € M([2,5]; H}(0,T;C)). The expected transition frequencies wi and weo
are contained in . The control operator B is given by (3.8). Therefore we are in the
setting of Example 3. We chose a cost parameter of & = 107!, As a comparison we also
solve the Hilbert space problem for a control field E € £ = L?(0,T;R) and o = 1074,
The state only needs to be discretized in time since H already is finite dimensional.
In time we use a uniform grid (tn),]:fzo with N = 4096 points. The space £" is given by
linear finite elements on this grid. For the time evolution of the state we use the GST

method for the linear approximation
Co(z, EM) = I + zA,(EM)

where A, is given by the midpoint rule,

Ap(EM) = —i (Ho L B ) + Eh(t”)m) .

2

Then C), is an analytical first order approximation of the exponential function and sat-
isfies the symmetry condition C,(z, E")* = C,(—%, E") and the additional assumption
DéEh(C’n(z,Eh) — exp(2A4,(E")) = o(z) from Lemma 27. Using the GST scheme we
increased the order of the approximation to m = 4. The discrete state is then given
by (5.5).

For the discretization of the frequency domain 2 we use a uniform grid with 100 grid
points. The frequencies w; and ws are contained in the discrete frequency domain. The
space U is discretized by complex valued linear finite elements on the same uniform grid
as EF. This results in a discrete measure space M" with 100 - 2 - 4096 = 819200 real
degrees of freedom. The control operator is discretized as in (6.3).

In Table 7.1 we give the values of the discrete cost functional for the measure space
case and the Hilbert space case. Looking at the discrete expectation value, we see that
the values below 1076 are attained. This value corresponds to a probability of more
than 99.9998% to achieve the control goal to enter the second eigenspace. The value for
the L? control is smaller than the value for the M control. This might be due to the
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Figure 7.1: In (a) the optimal control field for the measure space case in
M(Q; H}(0,T;C)) and in (b) the optimal field for the Hilbert space case
in L2(0,T;R) are plotted. In (c) we see the two main contributions of the
field in (a). In (d) we give the absolute values of the coefficients of the
optimal measure in the time-frequency plane.

field

frequency

smaller regularization in the former case.

In Figure 7.1a we show the control field generated by the optimal control @ € M”".
Figure 7.1b shows the optimal control field corresponding to the L?(0,T;R) problem.
The great advantage of the measure space control is that we can decompose the field
into easy components. Figure 7.1d shows the absolute values of the coefficients of the
optimal measure in the time-frequency plane. We see that only two frequencies have
a visible contribution. They correspond to the two transition frequencies w; and wo.
Figure 7.1c shows the decomposition of the optimal field in the two contributions of
those frequencies. These two fields have a clear structure. The profile in time looks
smooth and both fields are switched on during the whole time interval. This is expected

due to the choice U = H}(0,T; C), which promotes smoothness and non-locality in time.
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Figure 7.2: Time evolution of the populations for the first (solid), second (dashed) and
third (dash-dotted) level.

The field for the first transition reaches its maximum before the field for the second
transition. This corresponds to the intuitive understanding that we have to induce the
transition between the levels one and three before the transition between the levels three
and two. This can be observed in the plot for the time evolution of the populations of the
different levels in Figure 7.2. The structure of the phase looks also very simple except
for some oscillations at the boundaries. Those oscillations can be seen in Figure 7.3.
Those boundary effects are not desired in applications since a time dependent phase
can lead to an effective change of the frequency. These effects are probably caused
by the fact that using the space H& (0,7;C) we penalize oscillations of the phase only
via the natural norm in C. This penalization for oscillations in the phase is weaker
if the absolute value of the envelope is small. This is the case near the boundaries.
However, experiments with simple post processing show that the influence of this effect

is not large. As post processing we first set all frequency contributions in @" to zero,
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Figure 7.3: The phase of the envelope for the frequency ws (dashed) and polynomial

approximations of the phase for different orders (solid).
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ansatz for phase G0 fh

original 2.9056 * 10793 2.8515 % 1079°
7€ero 3.1029 % 1079 2.2734 x 1074
constant 3.0224 % 1079 1.4676 x 1074
linear 2.9274 %1079 5.1612 % 1079
quadratic 2.9215% 1079 4.5579 % 1079°

Table 7.2: The value of the cost functional and expectation value after simple post-
processing.

7
20 25 30 35 4.0 45 5.0 20 25 30 35 4.0 45 5.0
frequency frequency

(a) (b)

Figure 7.4: In (a), the norms ||a"||;;» (solid) and the regularization parameter 6 (dashed)
are plotted. In (b), the norms ||(B"V f*(B"a)),|,» (solid) and the cost
parameter « (dashed) are plotted.

except for the two frequencies w; and we. Then we approximated the phase for the
two frequencies using polynomials. Approximation by the zero polynomial corresponds
to neglecting the phase. Constant, linear and quadratic polynomials correspond to a
phase shift, an additional constant frequency shift and an additional frequency shift
linear in time, respectively. The resulting values for the discrete expectation value are
given in Table 7.2. We see that we still achieve the control goal reasonably well after
only using two frequencies, but there is a considerable gap to the unprocessed case. We
lose another order of magnitude by neglecting the phase. Increasing the polynomial
degree leads to smaller expectation values. The moderate decrease going from linear to
quadratic polynomials suggests that the large phase oscillations on the boundary have
a nonnegligible effect. But even in the worst case of neglicting the phase altogether, the
expectation value still corresponds to a probability of more than 99.95% to achieve the

control goal.
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In Figure 7.4 we can see that our optimal control is consistent with the norm es-
timate in Proposition 12 and the support condition in Proposition 13. We plotted
| BV f(B*a")||,n in Figure 7.4b. We see that || BV f"(B"a")|,;n is below a for all
frequencies. In Figure 7.4a we plotted the values of the norms ||@” [|;;». One can see that
(| ||n is large for w with ||(B™V f*(B"a@")),|lyn = a. But for ||(B™V f*(Bha")),|lm <
a we do not have ||@||,;» = 0. This is an artifact of Huber-regularization. As in Propo-

sition 12 we obtain the norm estimate
I(B*V (B a"))u o < o
for all w € Q. But instead of the support conditions in Proposition 13 we have
I(B*V f*(B"a"))ulln < o = [[@[lyn < 6

for all w € Q. This follows from Lemma 30 together with the optimality condition
V" = 0. Those two conditions are exactly what we see in Figure 7.4. In slight abuse
of notation we will, therefore, refer to the super level set {w € Q" | ||ul|j,» > 6} as the
support of u”. In this example, we obtain a small support of the desired size two and a
very small expectation value 7.8 x 10~7 for a cost parameter a = 10~!. For the second
example we will see that a small support and a small expectation value are conflicting

goals, which makes the choice of a good parameter o more important.

7.2 One-Dimensional Schrodinger Equation on Two Surfaces

As second example to test our framework, we consider the optimal control of a system of
one-dimensional Schrodinger equations on two potential energy surfaces. In this example,
much more frequencies are potentially useful in the control. We also expect an additional
time structure in the controls due to the movement of the densities in space. Therefore
it is much more challenging to obtain simple controls for this example. We focus on a
comparison between controls generated for different choices of €2, U and B.

We consider the model quantum system presented in Example 2 with d = 1 and
M = 2. This toy problem resembles a 1D version of the problem studied in [Kos+89]
and has also been used in [HL15]. We assume the particle mass of a proton m,. All

quantities are given in atomic units. The drift Hamiltonian is given by

1 2
—532 0 Vi 0
Ho=|( 2™ U o .
0 -5 0V
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potentials

0.0,
-2.0 -15

Figure 7.5: In (a), the two potential energy surfaces. In (b), the initial state (solid) and
the coefficients for the observable (dashed).

Figure 7.6

The potential energy surfaces Vi and Vs are plotted in Figure 7.5a. The coupling Hamil-

x I
Hy =
I x
with the dipole operator on the diagonal and constant time independent coupling on

the off-diagonal. The state Hilbert space is given by H = L%*([—4,4];C?). We choose

the spatial domain to be bounded, which makes H; a bounded operator. The initial

tonian is given by

state g is given by a Gaussian located in the potential lower well on the left, depicted
in Figure 7.5b. The control objective is to reach the potential well on the right start-
ing from the potential well on the left. This is modeled by the observation operator
O, which is the projection on the complement of functions with support on the lower
energy surface to the right of the potential barrier. This observable is a multiplication
operator. The corresponding function is equal to one on the upper surface and is plotted
in Figure 7.5b on the lower surface. The energy differences between the two potential
energy surfaces measured at the local minima of the lower surface are around 0.074 and
0.048. Considering the relation between energy differences and transition frequencies, we
expect the control to contain large frequency contributions around the two frequencies
w1 ~ 0.071 and wo ~ 0.048. We choose a time horizon of T' = 3000. The time horizon
is large enough to allow for sufficiently many oscillations with the transition frequencies
w1 and wo, and for sufficient movement of the wave packet in space.

We discretize the state space H by a nodal basis on a uniform grid with 256 points.
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7.2 One-Dimensional Schrodinger Equation on Two Surfaces

The discrete drift Hamiltonian H{ is given by a simple finite difference stencil and a
pointwise multiplication operator at the grid points, assuming homogeneous Dirichlet
boundary conditions. The coupling Hamiltonian Hf is also a pointwise multiplication
operator at the grid points. For the time-discretization, we define a uniform grid (t,,)2_,
with N = 2048 points. For the discrete control fields £, we use linear finite elements
on this grid. For the time stepping we again use the GST method of order m = 4 based
on a linear approximation and a Magnus expansion using the mid point rule.

For this problem we compare the resulting optimal controls for different choices of €2
and U and B. The different choices correspond to the Examples 3 through 7. We will
also compare the resulting optimal fields to the optimal fields for the classical Hilbert
space regularization with L?(0,T;R) or H}(0,T;R) norm. In particular, we study the

following setups.

Example 3. Q = [1/30,1/10], U = H}(0,T;C), B given by (3.8): The sparsity domain
) is chosen such that it contains the expected transition frequencies wi and wo. It
is discretized with a uniform grid of 100 frequencies. We discretize U with complex-
valued linear finite elements. The time grid for 4" corresponds to the grid of the
time stepping and £*. This results in 100-2-2048 = 409600 real degrees of freedom.
The discrete control operator is discretized as in (6.3) with K" = I and A" being

a pointwise multiplication of the basis coefficients with (e™?),,.

Example 4. Q = [1/30,1/10], U = L*(0,T;C), B given by (3.10) with a Gaussian
kernel, suitably adapted to generate homogeneous Dirichlet boundary conditions:
We discretize 2, U and B as before. For the evaluation of B" we explicitly construct
the dense matrix K". As above, this results in 100 - 2 - 2048 = 409600 real degrees

of freedom.

Example 6. 2 = [1/30,1/10], 4 = C, B given by (3.14): Again, the frequency band
is discretized with 100 grid points. There is no discretization necessary for ¢/. This

results in 2 - 100 = 200 real degrees of freedom.

Example 7. 2 = [1/30,1/10] x [0,T], U = C, B given by (3.15): The time-frequency
plane € is discretized by a tensor grid. In frequency direction we use a grid with
100 grid points. In time direction we use a grid of 14 points. This results in
100 - 14 - 2 = 2800 real degrees of freedom.

As a reference we also compute solutions for the Hilbert space cases L2(0,T;R) and
H(0,T;R). For both cases we use linear finite elements on the time grid of the time

stepping method. This results in 2048 real degrees of freedom.
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For the simulations we chose a such that the probability to end up in the desired
subspace is near 95%. In Figure 7.7 we plotted the fields generated by the optimal
controls, their Fourier coefficients, time-frequency representation and the absolute values
of the coefficients of the optimal measure arranged in the time-frequency plane. The
time evolution of the populations of the two surfaces as well as the evolution of the
expectation value are given in Figure 7.8. In Figure 7.9, we see snapshots of the time
evolution of the densities of the state. As a first observation we see that the structure
of optimal controls and the resulting influence on the quantum system heavily depend
on the different cost functionals. This flexibility of our framework should be exploited
in applications. In the following we will compare the optimal controls for the different

control setups.

From the second and third columns of Figure 7.7 we see that all the fields, except for
the H& (0, T;R) field, have two frequency regions around w; and wg that stand out. The
regions correspond to the transitions up from the first well and down into the second
well, respectively. This is desired and expected behavior. Interestingly, the frequency for
the first transition is a little smaller than predicted. The H}(0,T;R) field, on the other
hand, mostly has low frequency components. In this case, almost no transition of the
state to the second surface is induced, as can be seen in Figure 7.8f. Closer examination
of the time evolution shows that the state instead moves back and forth in the lower
well until it is forced over the potential barrier into the second well. This shows that the
choice of the control cost term can have an influence on the control mechanism triggered
by the field. Since for this example the transitions between surfaces are of chemical

interest, the use of the H}(0,T;R) norm as a cost leads to undesired control fields.

In the third column of Figure 7.7, we see that the other controls, with exception of
the control for Example 6, all show an alternating time structure in the two important
frequency regions. It corresponds to the expected pump-dump structure, which means
that we first induce the transition up from the lower well with frequency w; and then
down into the upper well with frequency ws. This can also be seen in Figure 7.8. The
time lag between the peaks for the frequencies w; and wo corresponds to the time it takes
the wave package to travel an the upper surface between the positions of the two wells on
the lower surface. The field from Example 7 corresponds closest to a pump-dump field
of two pulses separated in time and frequency. The other controls induce transitions
distributed throughout the whole time interval. For those cases, it is important to
choose a suitable time horizon T. For the horizon we chose, we see that the controls
from Example 3 and the L? control basically perform two pump-dump sequences. For

the control for Example 4, we also see a hint of two sequences, with the second sequence
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(t) (w) (v)

Figure 7.7: We plotted the different control fields in different representations. The rows,
from top to bottom, correspond to the Examples 3, 4, 6 and 7, and the
Hilbert space cases in L2(0,T;R) and H}(0,T;R). The columns, from left to
right, correspond to the time, frequency and time-freqency representation.
In the rightmost column, the absolute values of the optimal measures are
plotted in the time-frequency plane.
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Figure 7.8: The evolution of the populations on the lower (solid) and upper (dashed)
surface, and the evolution of the expectation value (dashdotted) for the dif-
ferent control spaces from Example 3 in (a), Example 4 in (b), Example 6
in (c), Example 7 in (d), L?(0,T;R) in (e) and H}(0,T;R) in (f).
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Figure 7.9: Snapshots of the densities |1)(¢)| on the lower (solid) and upper (dashed)
surface at the times ¢t = T'/2 (blue) and ¢t = T' (red) for the different control

spaces as in Figure 7.8.
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being much more pronounced. The control from Example 7 is the only approach that
really only uses one sequence. It might depend the least on variations of the final time

T, which might be beneficial if an appropriate final time is not known a priori.

The controls generated using the measure space setting all show a localized time-
frequency structure. In particular, with exception of the control for Example 7, the
Fourier coefficients and the time-frequency representation decay faster than for the
Hilbert space controls. In comparison, the time-frequency representation of the L2(0, T; R)
control looks very complicated and difficult to analyze. It also contains unwanted low
frequency components. For the control from Example 7, we see a difficult to analyze
frequency spectrum. This is probably do to the fact that the control field consists of two
main pulses that are very localized in time. This localization in time leads to a more dif-
ficult frequency representation. It is interesting that the space M(; HZ(0,T;C)) leads
to more active frequencies compared to the approach with space M(£2; L?(0,T;C)) with
the smoothing control operator. In the former case we see that the frequencies wy and wo
do not have a visible contribution. Instead we have contributions shifted up and down
around those two frequencies. This might be an artifact of forcing the envelope to have
a small Hg(0,T;C) norm in a case where more time structure in the control is necessary.
The symmetric shift up and down then might exploit an effect similar to the equality
cos((w + Aw)t) + cos((w — Aw)t) = 2 cos(Awt) cos(wt) for the superposition of different

frequencies resulting in a modulated middle frequency.

We will now take a closer look at the support of the different optimal controls. In
Figure 7.10 we plotted the achievement of the control goal against the size of the support
for different control spaces for varying cost parameter «. The vertical line marks the
value 2.5% 1072 of the expectation value that corresponds to a 95% probability of ending
up in the desired subspace. The figure illustrates the conflicting goals of minimizing
the cost term, resulting in small supports, versus minimizing the expectation value. In
contrast to the first example, we do not obtain almost perfect achievement of the control
goal for the desired support size two. Using the control spaces from Examples 3 and 4
leads to good achievement of the control goal for a relatively small support. This is
most likely due to the fact that those approaches separate frequency and time degrees of
freedom. In frequency direction sparsity is favored, while we still have enough flexibility
in the time direction. For Example 4, we achieve a remarkably low number of three
contributing frequencies. Two of those frequencies lie on neighboring grid points, which
could well be a consequence of coarse discretization. If we increase the cost parameter to
a point where the size of the support actually is forced to become two, we see that that

control goal is not achieved in a satisfactory way anymore. Examples 6 and 7 lead to
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Figure 7.10: For different control spaces and cost terms, the size of the support of opti-
mal measures is plotted against the corresponding expectation value. The
vertical line marks the expectation value corresponding to a probability of
95% to achieve the control goal.

105



7 Applications

larger but still reasonably small supports. This is remarkable because for those examples
the size of the support directly corresponds to the number of used degrees of freedom.
Both approaches need way less degrees of freedom compared to the other approaches.
We are, however, more interested in an easy frequency structure than in a low number
of degrees of freedom. This is because the size of the support corresponds to degrees of
freedom responsible for the oscillations that make the control fields difficult to analyze
and realize in experiments. The controls for Example 7 does not exploit a separation
of time and frequency structure. Since the shape of the pulses is fixed beforehand, it
cannot adapt to the problem, leading to additional active coefficients. The additional
frequencies in the control for Example 6 are probably necessary to obtain additional

time structure in the resulting field.
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